"Sleep-in-a-box": Algorithmic approach to extract rest phases
with mobile accelerometry

This paper suggests a knew approach for analysing inactive phases in long term
measurements using mobile accelerometry attached to a human body. The goal of the
work is to provide a commandline tool to automaticaly parse a timestamped list of
acceleration data in order to extract the phases that represent the sleeping periods.
Justified on the fact that the data collection is motivated more in a healthcare environment
than in a detailed sleeping research the methods do not concentrate on getting exact
differentiation between real sleeping and awake lying periods. Detecting a significant long
period with an inactivity pattern that permits the assumption that the received recovery
quality is similar to the effects of sleeping on the human body will be enough to classify it
as restphase. Furthermore the algorithm is not designed to find the exact amount of time
that can be related to this classification. Finding enough of the relevant periods to provide
a good view on the quantity and quality of inactive rest the observed human body gets

should satisfy the task.
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