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Dear Editor 
 
 
Thank you for giving us the opportunity to submit a revised draft of our manuscript titled “Experimental 
interpretation of adequate weight-metric combination for dynamic user-based collaborative filtering” to 
PeerJ Computer Science. We appreciate the time and effort that you and the reviewers have dedicated to 
providing your valuable feedback on the manuscript. We are grateful to the reviewers for their insightful 
comments on our paper. We have been able to incorporate changes to reflect most of the suggestions 
provided by the reviewers. Here is a point-by-point response to the reviewers' comments and concerns. 
 
 
 

 
 
Best Regards, 
 
Res. Asst. Sercan AYGUN 
Yildiz Technical University, Computer Engineering Dept. 
 
On behalf of all authors. 

 
 
 
 
 
 
 
 
 
 
 



Reviewer 1 
Basic reporting 

The manuscript contains a lot of grammatical inadequacies which makes it practically impossible for me 
to logically follow its flow. 

 

I will recommend that the authors should seek the assistance of a native English speaker to help them in 
editing the manuscript as it cannot be publish in its present form. 

 

The entire manuscript should be written in good English language and re-submitted for review. 

 

Experimental design 

Manuscript has to be re-written first in good English language before comments can be made in this 
section. 

 

Validity of the findings 

Manuscript has to be re-written first in good English before comments can be made in this section. 

 

Additional comments 

Manuscript has to be re-written first in good English language before comments can be made in this 
section. 

 

Author Response 

Thank you for your recommendation. The paper was edited by the Editage language service and the paper 
has now arrived at the error-free version. The editing certificate can be found on the next page. Besides, 
several technical enhancements were accomplished related to the outlier analyses & independence checks, 
which were the main feedback of Reviewer-2.  

 

We hope that the current version of our manuscript is ready for publication. Thank you very much for 
your time and consideration. 

 

 

 

 

 

 

 

 

 

 

 

 

 



 



Reviewer 2 - Rohit Goswami 
Basic reporting #1 

The language needs to be improved. A non-exhaustive list of stylistic glitches and suggestions are: 

-- Abstract 

- 24 "recommendations that.." --> "finding recommendations which appeal to each user varies" 

- 26 "it is measured" --> "we measure the appropriateness of the recommendation in terms of" 

-- Introduction 

- 58 "there are loads of" --> "there are many reported RS implementations" 

- 58 "is blurry" --> "it is unclear, how the " 

--- Getting started to experiments --> "Experimental design" 

 

Other issues similar to the above. 

 

 

Author Response 

Thank you very much for your feedback. First of all, your suggestions were performed. In addition, 
referring to Reviewer-1's request for language editing, our article has been sent to a language editing 
service. We hope this now resolves all language issues you mentioned and may speed up the article 
publication process in case of possible acceptance. The certificate is attached to the next page. 



 



Basic reporting #2 

The figures Fig 1 to 5 are illegible and it is impossible to verify the conclusions drawn from them. 

 

Author Response 

All figure files seem to have a low resolution unintentionally in the auto-generated document because the 
PeerJ article processing system automatically reduces the figure quality. While generating the related 
figures, we had produced them in ultra-high quality. In fact, in the first round, a note related to this was 
given in the "associated data" section; as shown below, high-quality images had been added to the 
supplementary material section as an extra. 

 

 
 

Moreover, original versions of the images and the supplementary files can be accessed from the “Primary 
Files” section on the submitted manuscript page with full resolution and precision. The following image is 
captured from the author submission panel. 

 
 

Nevertheless, for this round, high-quality versions of the images (and also all submission files in our local 
repository) are included in the following cloud link for quick access from this document.  
Link: https://1drv.ms/u/s!AhotH2rU6kw_itEy-yLk5Nspb7d3KQ?e=jKueGm  

 
  



Experimental design #1 

The authors have championed the cause of leave one out methods, however, there should be a discussion 
of standard statistical augmented methods like ANOVA; that is, the approach discussed here is only true 
under the severe assumption that each covariate is independent of the others. 

 

Author Response 

First of all, we would like to thank you very much for your comment that increases the impact of our 
article. We totally agree with your comment. For this reason, we completed our analysis with ANOVA, as 
you suggested. 

 

As you have underlined, the condition of item independencies is critical for the validity of the proposed 
approach. For this purpose, each dataset with the user × item format was subjected to variance analysis to 
prove that each column is independent (uncorrelated) from any other. Since no user group or additional 
information (demographics, movie specifications like genre, etc.) was used, analyses were completed 
through one-way ANOVA. 

 

ANOVA supplies information about between-groups variation (Groups) and within-groups variation 
(Error). As in the following Response Table 1 (a), we present the ANOVA Table of each dataset. By 
calculating the sum of squares (SS), the degrees of freedom (df), thereby the mean squared errors (MS), 
the F-test is applied. The ratio of between-group (inter-) variability and within-group (intra-) variability is 
obtained, which is analyzed in the context of the null hypothesis. By showing F values greater than 1, we 
complete the first step of item independence validation. Moreover, the distribution of F is observed to 
measure the probability value to further guarantee not all the means are the same by F>>1 values and the 
probability (P) values, which are obtained by the F-distribution. The lower the P-values are, the higher 
chances of strong evidence against the null hypothesis.  Besides, we also present visual plots of some 
selected items in Response Table 1 (b). We depict the randomly selected items showing the box plot 
analysis related to the median, minimum and maximum values, inner-quartile range of 75th and 25th 
percentiles, 95% of upper confidence limit of the median, and 25% of lower confidence limit of the 
median. The x-axis shows the unit rating values, and the y-axis shows the randomly selected item IDs. 
Furthermore, we also depict the analysis of all items using the complete box plot in the following 
Response Table 1 (c). 

 

 

 
  



Response Table 1: One-way ANOVA analyses of ML100K and ML1M  
 

ML100K ML1M 
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(b) Item independence examples with randomly selected items 
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(c) Item independences for all items 

 

 

 

 

 

 

 
  



All in all, we now proved that the validity of our approach by showing how the uncorrelated of each item. 
The related explanations were added to revised manuscript, Materials & Methods Section, shown as 
follows. Table 3 and Table 4 in the revised manuscript were also added newly. 

 

 

 
 

 

 

 

 

 

 



Experimental design #2 

It is unclear how the median is considered to reduce the outliers; standard techniques to identify (like 
checking residuals and standardized residuals) should be compared. The median values are indeed better 
than the mean under certain scenarios, however, it is best to recall, that there are no general unbiased 
estimators for determining the population median. 

Note that the Pearson correlation is based on the mean and so the estimator is actually an unbiased 
estimate of the population statistics. 

 

Author Response 

First of all, many thanks for your valuable comments. We would like to state that we totally agree with 
the points you mentioned and have completed our updates on this. 

 

In fact, the use of the median is an approach that we have included in our study to compare different 
correlation equations. In this context, utilizing MRC in addition to the well-known Pearson similarity 
equation (with the median rather than the mean) brings a different perspective in terms of performance 
monitoring and comparison. As you pointed out, the superiority of the median is especially true when it 
comes to the outlier. Based on this, we performed the residual analysis you suggested on the datasets 
used. Since this manuscript mainly focuses on static and dynamic approaches, the effect of dynamicity is 
also measured using the statistical parameter observation thanks to the visualization of residuals. Thereby, 
the outliers for the MovieLens dataset are interpreted over the residual plots as given on the next page, 
Response Figure 1. They are also newly placed in the revised manuscript as Fig. 1 and Fig. 2. 

 

Our analyses are based on the rating vector of each user. The x-axis of the graphs shows the user IDs, and 
all users in the dataset have been analyzed. Unique rating values are presented on the y-axis. For any user, 
it is observed how the statistical values of all the ratings change when an item is assumed not rated. When 
item-of-interest is not included, statistical calculation of the vector is analyzed within the residual 
approach according to the situation in which it is included. Analyses for each rating unit (1,2,3,4,5) are 
presented separately as vertical points projecting on the y-axis. Accordingly, the static value is obtained 
from all vector elements and is shown in red dots on the plots. Small blue dots show deviations regarding 
unit vote values. The blue dot count on the vertical axis for a user is equal to the count of unique values in 
her/his rating vector. Users with five blue dots have at least one unit vote value in their vote history. 
Visually, the superiority of the median from the residual analyses in both ML100K and ML1M releases is 
clearly seen in terms of suppressing outliers. The unit rating-related deviation points (blue dots) converge 
to the corresponding red dot and aggregate, thus depicting the suppression of outliers. 

 

 

 

 

 

 

 

 

 

 

 
  



Response Figure 1: User-based mean & median residuals on static vs. 
dynamic conditions of ML100K and ML1M  

 

ML100K ML1M 

  
 

 

 

 

 

 

 

 

 

 

 
  



All in all, the related explanations were added to revised manuscript, Materials & Methods Section, 
shown as follows. 

 

 
 

 

 

 

 

 

 
  



Validity of the findings 

It is unclear why the smooth coloring of the JAC with SW is of merit. In general, the distribution of 
metrics is unclear as a statistic of interest, as it is sensitive to the order of the table and the dataset. If the 
question is of tracking the metrics themselves, then it would be better to describe the data in terms of a 
density plot. 

 

Author Response 

Thank you very much for this warning. First of all, our main aim was not to compare the metrics but to 
compare the different similarity equations over the outstanding neighborhoods, thereby comparing the 
approaches such as dynamicity and SW. The relative comparison of the metrics is already given as line 
plots in the previous sections (Fig. 3-7 in the revised manuscript). 

 

The performance of the methods within themselves is evaluated with the presented heat-map tables 
(Tables 10 and 11 in the revised manuscript). For this reason, it is not the comparison of columns in the 
horizontal direction (between metrics) but the comparison of similarity methods in the vertical direction, 
taking into account the neighborhoods. In this context, each metric was analyzed independently along the 
relevant column and colored over full precision values. In order to clarify your issue, the minimum and 
maximum values for each metric where the coloring is performed have been added to the bottom lines of 
Tables 10 and 11 in the revised manuscript. Each coloring should be evaluated within its own column. 
That is, the same color may correspond to different values in other columns, but only the single column 
should be considered to interpret the colorings for any metric. 

 
 

All in all, we now updated the related paragraph in Results and Discussion Section as follows. 

 

 
 

  



In the light of this coloring information, we now explain what the homogeneity of the tables indicates. 
Since the neighborhood calculation makes the tests dependent on a parameter in recommendation 
systems, it can be said that the performance of the correlation is better if it is less dependent on 
neighboring users. That is, a homogeneous method performance, i.e., smooth coloring, is indicated for 
different best neighbor counts (BNC), so the recommendation algorithm exhibits a less dependent 
performance. For this reason, the stability of JAC with SW had been underlined in the first version 
manuscript. A more specific explanation was now added in the revised manuscript as follows (Results and 
Discussion Section). 

 

 
 

 

 

 

 

 

 

 

 

 

 

 

 

 
  



Other Comments from Reviewer - 2 

 

The data and code is provided, and this is commendable. 

 

The research question posed is appropriate and the code is sufficient for the analysis of the same. 
However, the manuscript at this stage is not ready for publication and needs to be reworked for clarity. 
Several key points raised in section 2 in particular need to be addressed adequately. The paper contains 
implementation details and shows significant effort in terms of covering the existing metrics. I am certain 
it will be a suitable addition to the literature after revisions. 

 

 

Author Response 

Finally, we would like to thank you for this motivating comment and all your other feedback. To be 
honest, we felt that our article was getting more impressive, clearer & more precise while processing all 
of your feedback. Thank you for taking the time for your valuable suggestions. We hope that our 
manuscript is now ready for publication in its current state. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 


