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ABSTRACT
Oceanic viruses that infect bacteria, or phages, are known to modulate host diversity,
metabolisms, and biogeochemical cycling, while the viruses that infect marine Archaea
remain understudied despite the critical ecosystem roles played by their hosts. Here we
introduce ‘‘MArVD’’, for Metagenomic Archaeal Virus Detector, an annotation tool
designed to identify putative archaeal virus contigs in metagenomic datasets. MArVD
is made publicly available through the online iVirus analytical platform. Benchmarking
analysis of MArVD showed it to be >99% accurate and 100% sensitive in identifying
the 127 known archaeal viruses among the 12,499 viruses in the VirSorter curated
dataset. Application of MArVD to 10 viral metagenomes from two depth profiles
in the Eastern Tropical North Pacific (ETNP) oxygen minimum zone revealed 43
new putative archaeal virus genomes and large genome fragments ranging in size
from 10 to 31 kb. Network-based classifications, which were consistent with marker
gene phylogenies where available, suggested that these putative archaeal virus contigs
represented six novel candidate genera. Ecological analyses, via fragment recruitment
and ordination, revealed that the diversity and relative abundances of these putative
archaeal viruses were correlated with oxygen concentration and temperature along
two OMZ-spanning depth profiles, presumably due to structuring of the host Archaea
community. Peak viral diversity and abundances were found in surface waters, where
Thermoplasmata 16S rRNA genes are prevalent, suggesting these archaea as hosts in
the surface habitats. Together these findings provide a baseline for identifying archaeal
viruses in sequence datasets, and an initial picture of the ecology of such viruses in
non-extreme environments.

Subjects Bioinformatics, Ecology, Microbiology
Keywords Oxygen Minimum Zone, Archaeal Virus, Archaea, Oxygen, Temperature,
Thermoplasmata

INTRODUCTION
Viruses that infect bacteria, or phages, are relatively well-studied in the oceans and
are thought to infect approximately one-third of seawater microbes at any given time
(reviewed in Brum & Sullivan, 2015). Consequently, phage infections can have large
impacts on marine ecosystems and microbial evolution in a variety of ways. First, phages
alter microbial community structure and ecosystem functioning through host cell lysis.
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Though difficult to quantify, this is thought to significantly increase the DOM pool,
spur microbial growth (Middelboe, Jørgensen & Kroer, 1996; Fuhrman, 1999; Wilhelm &
Suttle, 1999) and could help form cell debris aggregates that sink out of the water column,
contributing to carbon export to the deep ocean (Guidi et al., 2016). Second, some phages
hijack their host’s metabolic machinery (Vos et al., 2009), reviewed in Hurwitz & U’Ren
(2016), which alters host cell metabolite concentrations (Ankrah et al., 2014; Dendooven
et al., 2016), and can have direct impacts on ecosystem critical microbial metabolisms
including carbon fixation, redox potential, nitrogen and sulfur cycling, and archaeal
ammonia oxidation (Hurwitz, Hallam & Sullivan, 2013; Puxty et al., 2016; Thompson et al.,
2011; Lindell et al., 2005; Roux et al., 2016; Anantharaman et al., 2014). Third, phages act as
vectors for horizontal gene transfer among susceptible hosts with bona fide gene transfer
now demonstrated in cyanophages for photosynthesis genes, and tentatively for genes
implicated in deoxythymidine monophosphate production and the reduction of cellular
guanosine pentaphosphate (Lindell et al., 2004; Millard et al., 2004; Sullivan et al., 2006;
Ignacio-Espinoza & Sullivan, 2012; Bryan et al., 2008). Finally, the evolutionary trajectories
of phages and their hosts are intimately connected via an arms race for infection or
resistance mechanisms (Comeau & Krisch, 2005; Stern & Sorek, 2011; Stoddard, Martiny &
Marston, 2007; Koskella & Brockhurst, 2014).

In contrast, most of the knowledge regarding the viruses infecting Archaea stems from
extreme environmental isolates or enrichments, leaving archaeal viruses in the oceans
understudied. To date, only two marine archaeal viruses are in cultivation, both of which
were isolated from hydrothermal vents using thermophilic hosts: PAV1 isolated from
Pyrococcus abyssi (Geslin et al., 2003), and TPV1 isolated fromThermococcus prieurii (Gorlas
et al., 2012; Gorlas et al., 2013). Archaeal virus-related contigs have also been observed in a
marine Thermococcales plasmid (Soler et al., 2010; Zivanovic et al., 2009) and in a genome
from an anaerobic sediment viral metagenome (virome) in a marine methane seep (Paul et
al., 2015). The latter, ANMV-1, is thought to infect Archaea because it contains TATA-box
binding proteins specific to Archaea and Eukarya as well as six other genes (of 69 in the
genome) that are similar to those frommethanotrophic Archaea (Paul et al., 2015). Another
putative Thaumarchaeota virus (Oxic1_7) was found in a fosmid library from Saanich Inlet
in British Columbia (Chow et al., (2015). Only one verified archaeal virus (AAA160-J20)
has been identified from mesophilic ocean waters, recovered in a single-cell amplified
genome from a Thaumarchaeota (Labonté et al., 2015). However recently, analysis of the
‘‘global ocean virome’’ has revealed three additional candidate viral genera putatively
associated with Archaea according to matching CRISPR spacers, similar tetra-nucleotide
frequencies and BLASTn homology to reference sequences (Roux et al., 2016). In spite of
the fact that Archaea often comprise 5–40% of the marine microbial community and play
critical ecological roles (e.g., nitrogen cycling), the viruses described above are the only
representation of archaeal viruses in the marine realm to date. Given the high abundance
of Archaea in the oceans (Ganesh et al., 2015; Karner, DeLong & Karl, 2001), this suggests
that there may be vast archaeal virosphere yet to be explored if viruses play as large a role
in the ecology of Archaea as they do for Bacteria (Danovaro et al., 2016).
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Here we introduce MArVD (Metagenomic archaeal virus detector), an annotation
mining tool to automate the identification of putative archaeal virus contigs in viral
metagenomic datasets from marine samples. We applied MarVD to identify archaeal
viruses in 10 marine viromes from an oxygen minimum zone (OMZ) in the Eastern
Tropical North Pacific (ETNP). Strong OMZs are associated with upwelling zones of the
Eastern Pacific, including the ETNP, due to heterotrophic respiration of surface primary
productivity in waters below the photic zone. In the ETNP, oxygen concentrations fall
below detection (<10 nM) (Ulloa et al., 2012; Tiano, Garcia-Robledo & Revsbech, 2014)
and chemolithoautotrophs and heterotrophs, including diverse assemblages of Archaea,
adapt to such low oxygen by using anaerobic metabolisms that impact geochemical cycling
globally (Canfield, Glazer & Falkowski, 2010; Lam & Kuypers, 2011; Wright, Konwar &
Hallam, 2012; Kalvelage et al., 2015). Although ammonia-oxidizing Thaumarchaeota, as
well as diverse members of the Euryarchaeota, are abundant above or within the anoxic
OMZs of the Eastern Pacific (Stevens & Ulloa, 2008; Stewart, Ulloa & Delong, 2012;Wright,
Konwar & Hallam, 2012), the viral diversity in these systems has been largely unexplored
apart from a single study, which revealed novel viral assemblages, of unknown host, unique
to the anoxic core of the Eastern Pacific OMZnear Chile (Cassman et al., 2012). By applying
MArVD to 10 OMZ viromes, 43 genomes and genome fragments, putatively associated
with archaeal hosts, were detected and analyzed in an ecological context to develop the
first tentative population-based picture of mesophilic, marine archaeal virus ecology in a
climate-critical OMZ containing marine habitat.

MATERIALS AND METHODS
Virome sample collection
Ten sea water samples were collected on June 13–28 2013 on the R/V New Horizon at two
locations in the ETNP off the west coast of Mexico (Station 2, 18◦55′12′′N and 108◦47′60′′:
station 6, 18◦55′12′′N and 104◦53′24′′W). Station 6 is positioned near shore over the
continental shelf while station 2 is roughly 450 km directly west of station 6 in the open
ocean. At each station, 20 liters of water were collected using Niskin bottles attached
to a rosette. Sample depths were 30 m, 60 m, 130 m, 300 m, and 1,000 m at station 2
and 30 m, 85 m, 100 m, 300 m, and 1,000 m at station 6, which represented samples
from the surface mixed layer, upper oxycline, OMZ core and lower oxycline at either
station respectively. Measurements of oxygen concentration, temperature, salinity, and
chlorophyll a were recorded for each sampling effort using a Conductivity Temperature
Depth profiler (Sea-Bird SBE 911plus, Sea-Bird Electronics Inc., Bellevue, WA, USA)
along with a Seapoint fluorometer (Seapoint Sensors Inc., Exeter, NH, USA) and a SBE43
dissolved oxygen sensor (Sea-Bird Electronics Inc.) (Data S5).

Virome preparation
Each of the 20-liter water samples was passed through a 0.22 um filter on a 142 mm
diameter Express Plus filter apparatus to remove prokaryotic cells and cellular debris. The
viral fraction of the filtrate was then concentrated using iron chloride to flocculate the viral
particles, which were then stored at 4 ◦C indefinitely. Resuspension of the viral particles

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 3/26

https://peerj.com
http://dx.doi.org/10.7717/peerj.3428#supp-9
http://dx.doi.org/10.7717/peerj.3428


was done using an ascorbic EDTA buffer (0.1 M EDTA, 0.2 M Mg, 0.2 M ascorbic acid,
pH 6.0) to facilitate further concentration of the viral particles using an Amicon Ultra
100-kd centrifuge (Millipore inc.). The viral concentrates were then treated with DNase
I, and 0.1 M EDTA and EGTA to eliminate any free DNA from the samples. Viral DNA
was extracted using the Wizard prep PCR purification kit with 0.5 ml sample added to
the 1ml resin and eluted on Wizard mini-columns with TE buffer (10 mM Tris, pH 7.5,
1 mM EDTA) (Promega, Fitchburg, WI, USA). The extracted DNA was then sheared
with a Covaris ultra-sonicator, and gel purified to select fragments of 160–180 bp in
length. The final sequencing was carried out on a HiSEq 2,000 system at the DOE Joint
Genome Institute. Reads were then quality trimmed to remove bases with quality scores
greater than two standard deviations from the average score (across sequencing cycles),
and bases with a quality score lower than 20. Lastly, a size threshold of 95 bp was imposed
on the entire read dataset. Reads were assembled using the SOAPdenovo software in the
MOCAT pipeline. The assembled contigs were then confirmed to be viral in origin using
the VirSorter software with default settings (Roux et al., 2015a; Roux et al., 2015b). The
viral fraction of the ETNP metagenomic dataset was uploaded to MetaVir 2 (Roux et al.,
2014) and those contigs larger than 1,000 bp and with three or more ORFs, at least one of
which affiliated to a reference archaeal virus or archaeal virus pathway, were considered for
further analysis. In order to focus on only those viruses which meet the requirements to be
identified as populations according to recently established metrics for this classification,
(Brum & Sullivan, 2015) these sequences were further filtered using the Cdhit software to
retain only contigs greater than 10,000 bp in size and <95% average nucleotide identity
over 80% of the shorter sequence (Fu et al., 2012).

MArVD
In order to identify marine archaeal viruses in metagenomic datasets, we created three
categories of archaeal virus-like sequences based on the proportion of genes per contig that
affiliate with reference archaeal viruses in the RefSeq database (version 74), and the score
of these assignments according to a BLASTp analysis. The first category collects contigs
in which more than 66.6% of the genes per contig are annotated as archaeal virus, the
bit-score of at least one of these annotations is higher than 75, and the bit-score exceeds
those given to all genes with phage annotations. The second category again collects contigs
in which more than 66.6% of the genes affiliated with a reference archaeal viruses and at
least one of these annotations has a bit-score higher than 75, but in this instance, at least
one gene assigned as phage may have a bit-score higher than that for genes assigned as
archaeal virus. The final category includes contigs with 33.3–66.6% of genes annotated as
archaeal virus, at least one of these annotations has a bit-score higher than 75, and again
at least one of these annotations has a bit-score exceeding phages annotations. Eukaryotic
viruses were not considered in these categories.

Each of these categories were then implemented in a python script which we named
MArVD. MArVD assigns a contig to a specified category by using an input file in the
form of a detailed gene-per-contig annotation file, which is output from the Metavir2
software (Roux et al., 2014). MArVD then uses a keyword searching methodology in

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 4/26

https://peerj.com
http://dx.doi.org/10.7717/peerj.3428


conjunction with an user-tailored input file containing a keyword list, to identify
taxonomic affiliations, linking genes to either reference archaeal viruses, or Archaea.
It then identifies the proportion of archaeal virus genes in each contig and the quality of
the taxonomic assignment in bit-score and parses the annotation table, separating contigs
which either meet or fall short of the established thresholds for a designated category. The
gene proportion and annotation quality threshold in MArVD are modifiable options in
order to allow the user to control the categorical thresholds if desired.

We then determined the accuracy and sensitivity of MArVD considering all categories
collectively, and for each individual category, with the published Virsorter dataset with
viruses of known host.

Putative archaeal virus contig network analysis
To further analyze the genetic relatedness between the 43 ETNParchaeal viruses populations
we used a Markov Clustering Algorithm (MCL) based network analysis as previously
described in Lima-Mendez et al. (2008). For this analysis reference phage and archaeal virus
genomes from RefSeq (version 74) were combined with the ETNP archaeal virus contigs
in order to contextualize them relative to other known viruses (Finn et al., 2014; Bolduc et
al., 2016). This algorithm first groups ORFs using an MCL clustering algorithm based on
BLASTp e-values, and the shared gene content between each contig is then used to further
group contigs into viral clusters or VCs, which were then represented as a network and
visualized in Cytoscape version 3.2.1 using the ‘‘Edge Weighted Spring Embedded Layout’’
(Shannon et al., 2003). Viral clusters were then organized according to their predicted host
from our previous analysis or reference information.

43 putative archaeal virus genomic comparison
Easyfig version 2.2.2 was used to draw contig comparison maps, with similarities detected
using GenBank files for each of the 43 archaeal virus populations via tBLASTx analysis
and an e-value threshold of 0.001. The resulting images were tuned to display the correct
organization and orientation of each sequence according to their similarity to the rest of
the populations in each VC and centered around the best blast hit across each VC. Each
gene’s taxonomic affiliation regarding archaeal virus, phage or eukaryotic virus and its
functional annotation were then reported. Where synteny and annotation were ambiguous
based on best BLASTp affiliation, the taxonomy and function of the genes were inferred
using a consensus among the top hits within 20% of the blast hit with the lowest e-value.

Portal protein phylogenetic analysis
Of the 43 archaeal virus populations, 17 encode the PF04860.7 portal protein. Sequences
from all known viral variants of this gene were downloaded from the Pfam database
(version 29.0) in order to conduct a single gene phylogenetic analysis (Finn et al., 2014).
Sequences were aligned locally using MAFFT (version 7.222) and default parameters
(Katoh & Standley, 2013). The resulting alignment file was manually curated with Jalview
(version 2) to remove leading and tailing portions of the alignment which displayed
low conservation, and to remove contigs which were obviously misaligned to limit the
potential for long branch attraction (Waterhouse et al., 2009). The tree was constructed in
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the FastTree (version 2.1) program using the nearest neighbor interchange and minimum
evolution algorithm to develop an approximate maximum likelihood estimation based
phylogenetic tree with the Jones-Taylor-Thorton evolutionary model, re-sampling 1,000
times for robust bootstrap values (Price, Dehal & Arkin, 2010). The final tree was visualized
using the Interactive Tree of Life software (ITOL) (version 3) and sample location, depth,
taxonomic affiliation, and viral cluster affiliation were then added as additional data layers
(Fig. S2) (Letunic & Bork, 2011).

Putative archaeal virus community analysis
Quality trimmed reads from the ETNP dataset were mapped to the 43 archaeal virus
populations in order to determine the abundance and distribution of these sequences
within the ETNP at both stations. Reads were first quality trimmed with the Trimmomatic
software andmapped to their respective contigs using the Bowtie2 software (Bolger, Lohse &
Usadel, 2014;Langmead & Salzberg, 2012). Coveragewas calculatedwith the BamMpackage
(Li, 2011; Rabosky et al., 2014). The resulting per base-pair coverage matrix displays the
relative abundance and distribution of each viral sequence and can be used to infer the
environmental factors influencing the distribution of the ETNP archaeal virus populations.
Richness, Shannon-Wiener diversity index, and Pielou’s Evenness values were calculated for
each site either manually or using the vegan package for R studio (Oksanen, 2015; Shannon
& Weaver, 1949). A heat-map highlighting patterns in the population distributions and
abundances for each virome was then developed using the R studio package heatmap3
and its maximum likelihood clustering algorithm along with the Pvclust package (Suzuki
& Shimodaira, 2015; Kolde, 2015). Colors were chosen using http://colorbrewer2.org.
A non-metric multidimensional scaling analysis was performed in the vegan package with
the Bray-Curtis distance algorithm using the read coverage matrix for both stations in
order to group the communities found in each habitat. Amending this analysis with the
extensive environmental data available for these locations allowed for the determination
of which environmental factors most significantly influenced the observed archaeal
virus population distribution. Bray–Curtis dissimilarity matrices from the 43 putative
archaeal viruses abundance profiles were then compared via Mantel test using the
R package Vegan.

16S rDNA extraction
Microbial community taxonomic composition was assessed via Illumina sequencing of 16S
rRNA gene fragments amplified from bacterioplankton DNA from stations 2 and 6. Station
6 data were generated in a prior study (Ganesh et al., 2015) and reanalyzed here. Station
2 data were generated in this study, as follows. DNA was extracted from Sterivex filters
(>0.2 µm biomass size fraction) from 5 depths spanning the oxic zone, oxycline, and OMZ
using a phenol: chloroform protocol following protocols described in Ganesh et al. (2015).
Cells were lysed by adding lysozyme (2 mg in 40 µl of lysis buffer per filter) directly to the
Sterivex cartridge, sealing the ends, and incubated for 45 min at 37 ◦C. Proteinase K (1 mg
in 100 µl lysis buffer, with 100 µl 20% SDS) was added, and cartridges were resealed and
incubated for 2 h at 55 ◦C. The lysate was removed, and the DNA was extracted once with
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phenol:chloroform:isoamyl alcohol (25:24:1) and once with chloroform:isoamyl alcohol
(24:1) and then concentrated by spin dialysis using Ultra-4 (100 kDa, Amicon) centrifugal
filters.

16s rRNA gene library preparation
Sequenceswere generated using an established pipeline as inGanesh et al. (2015) andPadilla
et al. (2015), Padilla et al. (2016). Briefly, amplicons were synthesized using Platinum R©

PCR SuperMix (Life Technologies) with primers F515 and R806 encompassing the V4
region of the 16S rRNA gene (Caporaso et al., 2011). These primers are used primarily for
bacterial 16S rRNA gene analysis, but also to amplify archaeal sequences. Both forward and
reverse primers were barcoded and appended with Illumina-specific adapters according
to Kozich et al. (2013). Thermal cycling involved: denaturation at 94 ◦C (3 min), followed
by 30 cycles of denaturation at 94 ◦C (45 s), primer annealing at 55 ◦C (45 s) and primer
extension at 72 ◦C (90 s), followed by extension at 72 ◦C for 10 min. Amplicon size
(∼400 bp, including barcodes and adaptor sequences) was verified by gel electrophoresis
and amplicons were purified using Diffinity RapidTip2 PCR purification tips (Diffinity
Genomics, NY). Amplicons from different samples were sequenced on an Illumina MiSeq
using a 500-cycle kit.

16s rRNA gene analysis
Station 2 sequence data were combined with those generated previously for station 6 and
analyzed using QIIME (Caporaso et al., 2010). Barcoded sequences were de-multiplexed
and trimmed (length cutoff 100 bp) and filtered to remove low-quality reads (average Phred
score <25) using Trim Galore! (http://www.bioinformatics.babraham.ac.uk/projects/trim_
galore/). Paired-end reads were then merged using FLASH (Magoč & Salzberg, 2011),
imposing a minimum average length of 250 bases for each read, a minimum average
length of 300 bases for paired read fragments, and a maximum fragment standard
deviation of 30 bases. Chimeric sequences were detected by reference-based searches
using USEARCH (Edgar, 2010) and removed. Merged non-chimeric sequences were
clustered into Operational Taxonomic Units (OTUs) at 97% sequence similarity using
open-reference picking with the UCLUST algorithm (Edgar, 2010) in QIIME. The number
of sequences following quality filtering ranged from 18,036 to 193,094 and the number of
OTUs ranged from 527 to 1,023. Taxonomywas assigned to representative OTUs from each
cluster using the Greengenes database (DeSantis et al., 2006). Total microbial (bacteria +
archaea) and total archaeal OTU counts were determined based on 10 resampling iterations
at uniform minimum sequence depths (n= 18,036 and 625 respectively), with the removal
of any singletonOTUs or those associatedwithmitochondria and chloroplasts. Abundances
for microbial Orders were calculated as proportions of total reads; only Orders comprising
>0.5% of total reads (averaged across all samples) are displayed. Ordination of the 16s
rRNA sequences from the archaeal fraction of this microbial community was analyzed
in the same way as for the viral populations. Bray–Curtis dissimilarity matrices from the
Archaea fraction of the 16 s rRNA data were then compared via Mantel test using the R
package Vegan.
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RESULTS AND DISCUSSION
MArVD: a tool to automatically and systematically identify putative
archaeal virus contigs
To identify archaeal virus contigs in viromes, we developed theMetagenomic archaeal virus
detector (MArVD) that identifies putative archaeal virus contigs based on a ‘‘majority rules’’
consensus taxonomic assignment drawn from the taxonomic annotation of each predicted
gene (Fig. S1). MArVD entails three categories (detailed in the supplemental online
material) used to filter archaeal virus contigs from metagenomic datasets. Briefly, the first
category collects contigs with three or more per-gene taxonomic annotations, the majority
of which (>66.6%) affiliate with reference archaeal viruses above a pre-defined quality
threshold (bit-score 75), and with better quality then affiliations to reference phages. This
category also includes contigs with just one or two taxonomic annotations that only affiliate
with reference archaeal viruses. Because archaeal viruses are heavily under-represented in
public datasets (Dellas et al., 2014), this first category accounts for the likelihood that
most marine archaeal virus genes will be unclassified. The second category uses the same
metrics as the first but allows for at least one gene to have a phage annotation of better
quality than the archaeal virus annotations. This is intended to account for potential
misclassification of archaeal virus genes as phage genes or the possibility that an archaeal
virus has incorporated a phage gene via horizontal gene transfer (Iverson et al., 2012). The
final category includes contigs with fewer (33.3–66.6%) archaeal virus annotations, but of
bit-score quality exceeding the phage annotations. This category weights the taxonomic
designation of contigs on the quality of gene annotation, rather than the proportion of
genes affiliating with references. These categories were then implemented in a python
script, which assigns a contig to a specified category by searching detailed gene annotation
tables for hits to reference archaeal viruses (Fig. S1). Hits to Eukaryotic viruses were not
considered because Eukaryotic viruses are likely rare in marine viromes (Suttle, 2007).

In order to determine the accuracy and sensitivity of MArVD’s categories collectively
and individually, we applied it to the published Virsorter dataset, which is a collection of
viral contigs mined from publicly available microbial genomes, providing the host for each
identified viral contig (Roux et al., 2015a; Roux et al., 2015b). MArVD was able to identify
all 127 (100% sensitive) of the previously established archaeal viruses in this dataset and only
miscategorized two of the 12,372 phage contigs (>99% accurate). Sensitivity and accuracy
predictions per category revealed that category one identified 123 of the 127 archaeal viruses
with only one of the two erroneously designated phage contigs. Category two identified one
of the 127 archaeal viruses. Category three identified five contigs as archaeal viruses with one
misidentified phage contig. The two phage contigs (5062_Planctomycetia_gi_163804221
and 5062_Gammaproteobacteria_gi_484067609_0_4307) contain only two (of 52 total)
(category one) and three (of five total) (category three) ORFs that could be taxonomically
annotated (Roux et al., 2015a; Roux et al., 2015b). While the rest of the ORFs in these
contigs were unclassified, most of the taxonomic annotations available for both of these
contigs affiliated with reference archaeal viruses, thus facilitating their misidentification.

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 8/26

https://peerj.com
http://dx.doi.org/10.7717/peerj.3428#supp-1
http://dx.doi.org/10.7717/peerj.3428#supp-1
http://dx.doi.org/10.7717/peerj.3428


While highly accurate on the Virsorter dataset, our stringent thresholds and reliance
on existing databases mean that MArVD will not identify all archaeal viruses in more
complex communities with novel viruses. MArVD is dependent upon annotation with
pre-established reference databases and requires at least one gene to be taxonomically
annotated for each contig. Because the ratio of total genes to annotated genes can be very
low on short viral contigs, this pragmatically limits its usefulness to contigs >10 kb in
size representing viral populations (Brum et al., 2015). To increase sensitivity where novel
archaeal viruses are expected, future work might include an iterative approach whereby
newly identified contigs can serve as references for a second (or more) application of
MArVD.

MArVD identifies 43 putative marine archaeal viruses in ETNP
viromes
We next explored the marine archaeal virome as a baseline for hypothesis generation
regarding marine archaeal virus ecology. To this end, we examined the waters of the
ETNP OMZ, sampled across five depths at each of two stations (Fig. 1A) and spanning
the strong oxygen gradients (Fig. 1B), where Archaea are common as inferred from
16S rRNA amplicon analyses. The relative proportion of total Archaea to Bacteria 16S
sequences in these samples suggested that Archaea comprised 3–40% and 5–25% of the
total microbial community in the surface and upper oxycline waters versus OMZ core
waters, respectively (Fig. 1C). The dominant Archaea were from class Thermoplasmata and
the phylum Thaumarchaeota (Fig. 1C). The abundant Archaea in the ETNP suggests an
enrichment in archaeal viruses, so MArVD was applied to viromes derived from these same
10 samples (Data S1). While this approach undoubtedly under-represents the diversity
of archaeal viruses in these waters, these putative archaeal virus genomes will provide a
critically-needed first glimpse of their ecology.

MArVD identified 407 putative archaeal virus contigs, which were grouped according
to current viral population-scale metrics (≥95% ANI, or average nucleotide identity,
across 80% of the shorter contig) into 344 different viral ‘populations’ (Data S2A & S2B).
Of these, only 43 contigs were ≥10 k bp in size (range = 10,051–31,425 bp; average =
14,852 bp) and considered long enough for further interrogation as putative archaeal virus
populations (Data S1). One of these populations (2_300_C3851131) from 300m depth at
the station farthest offshore (Station 2) was represented by a 12,262 bp circular contig,
which, because it circularized may be complete, but if so is then shorter than the genome
of any known Caudovirales isolate genome, suggesting circularization due to assembly
artifacts. It contained 19 hypothetical genes and an archaeal virus-like terminase, as well as
a portal protein, which was annotated as phage-like, but is phylogenetically divergent from
known phage portal proteins (Fig. S2). The other 42 populations are non-circular and so
are likely not complete.

The 43 ETNP viruses represent six novel archaeal virus genera
Because viruses lack a universal marker gene, assigning taxonomy to new viruses can
be challenging. To classify these 43 new putative archaeal viruses, we used a genome-
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and network- based classification methodology previously used to group modules of
protein clusters according to genetic similarity (Lima-Mendez et al., 2008; Roux et al.,
2015a; Roux et al., 2015b; Roux et al., 2016; Bolduc et al., 2016). In these analyses, viral
genomes are grouped based on their gene content profiles into viral clusters, or VCs, which
are approximately equivalent to candidate viral genera as assigned by the International
Committee on the Taxonomy of Viruses (edited byKing et al., 2012). Our network analysis,
conducted using ‘‘vConTACT’’ (Bolduc et al., 2016), included the 43 ETNP putative
archaeal virus populations along with 1,573 phages, and 60 archaeal viruses from NCBI’s
RefSeq database (version 74). The resulting network revealed that the putative ETNP
archaeal viruses, RefSeq archaeal viruses, and RefSeq phages each formed distinct modules.
The only exception was a small VC of six reference genomes that included both phages
and archaeal viruses, likely due to a ‘long branch attraction’ type grouping (Wiens, 2005),
where highly divergent genomes are artificially placed together when they represent a
poorly sampled region of sequence space (Fig. 2A, Data S3).

In this network, the putative ETNP archaeal viruses formed six entirely novel VCs,
according to vConTACTs default settings, with no connections to any reference viral
genomes (Fig. 2B). Comparative genomic analyses revealed that the members of the six
ETNP VCs shared on average 58.9% of their genes within a VC and on average only 4.4%
of their genes with any other VC in the entire network. VC-guided comparative genomic
analyses also showed that while only 14.5% of the genes across all six ETNP VCs could
be affiliated to a particular taxon, most (∼74.8%) of these taxonomically annotated genes
were most closely affiliated with known archaeal viruses, at high confidence (average
bit-score per VC ranged from 109–223). The remaining ∼25.2% of the taxonomically
annotated genes affiliated with either phage (∼13.9% of total annotations) or eukaryotic
viruses (∼11.3%), although the phage annotations were relatively weak (average bit-score
per VC ranged from 68–111). The eukaryotic virus annotations were of similar quality
as the archaeal virus annotations (average bit-score 216); however, these genes were only
present in VC2, made up only 35% of annotated genes in this VC, and have an elevated
average bit-score rating due to a single conserved gene found in four contigs (Figs. 3A–3F).
The 25.2% of genes affiliated with phage or eukaryotic viruses are likely a reflection of
database bias since mesophilic archaeal viruses are not currently well represented in public
databases. Regardless, these analyses suggest that the 43 ETNP contigs likely represent
novel mesophilic archaeal viruses due to the high proportion (74.8%) of hits to reference
archaeal viruses, and since they form VCs distinct from reference phage.

Finally, we assessed the quality of our network-based classifications by comparison with
a phylogenetic approach using a taxonomic marker gene that encodes the portal protein
(Pfam family PF04860.7) involved in viral DNA packaging and transport. This gene was
identified in 17 of the 43 putative archaeal virus populations, representing four of the six
VCs (Star in Figs. 3A, 3C, 3E and 3F). The resulting portal protein phylogeny revealed
a single monophyletic group for the putative ETNP archaeal viruses comprised of three
main sub-clades, each corresponding to a single VC and including 15 contigs (Fig. S2).
The single contig not placed in a clade with its corresponding VC is the only member
of another subclade and shares two of its three edges in the network analysis with the
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Figure 2 vConTact Network analysis of reference of phage and archaeal virus sequences with the
ETNP archaeal virus dataset. (A) The vConTact network developed by using the entire RefSeq archaeal
virus (60 sequences) and phage (1,573 sequences) database in conjunction with the ETNP dataset (43
sequences). (B) A focused view of the network comprised of the ETNP archaeal virus populations. The
sample habitat at which each VC is found in the highest prevalence is displayed at the top of (B). VCs with
red labels are represented in the phylogenetic analysis (Fig. S2).

most divergent member of the subclade corresponding to VC3, and a member of VC1
respectively. Thus, both means of classification are largely concordant and suggest that the
putative ETNP archaeal viruses are highly divergent from other known phages and archaeal
viruses. Additionally, using HMMscan searches against the Pfam database, we find that the
portal protein analyzed here is represented in only 0.6% of the non-archaeal fraction of
the ETNP viromic dataset, suggesting that this gene may help guide the identification of
archaeal viruses in other marine environments (Data S4).
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Figure 3 Synteny maps for each of the putative ETNP archaeal virus cluster (VCs). (A) VC1. (B) VC2.
(C) VC3. (D) VC4. (E) VC5. (F) VC6. Each annotated gene’s taxonomic affiliation is displayed as the col-
ored outline with the bit-score value represented by the weight of the outline. Functional annotations are
further depicted as the genes interior color. tBLASTx percent identities among related regions of each
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tion of the network analysis via phylogenetics is denoted by a star (Fig. S2).

Environmental factors influence archaeal virus population
distributions in the ETNP
Given these 43 new putative archaeal virus genomes, we next explored their ecological
patterns and drivers in the ETNP. Putative Archaeal virus abundance and diversity profiles
were compared with the available meta-data including temperature, oxygen concentration,
salinity, chlorophyll a, and depth (Data S5). Both the relative abundance and alpha
diversity (Shannon–Wiener index) of archaeal viruses was highest in the surface waters and
diminished along the gradient in oxygen concentration, reaching a low in the OMZ core.
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The relative evenness (Pielous J) of the detected viral populations was consistently near 1
across the OMZ oxygen gradient, and above (Fig. 4A). Additionally, both sample stations
displayed similar putative archaeal virus abundance and membership across all depths as
revealed by comparison of Bray-Curtis dissimilarity matrices via mantel test (p< 0.01,
mantels r = 0.8375) (Data S6).

Metagenomic read recruitment was used to estimate the abundance of these putative
archaeal viruses at our two sampling sites. This revealed that the putative archaeal virus
populations appeared to be stratified along the depth profile (Fig. 4B). This stratification
was especially apparent at the interface between oxygenated and anoxic waters, across which
no populations were shared (Data S6). This apparent niche differentiation is consistent
with results from non-metric multi-dimensional scaling (NMDS) analysis, which revealed
that both oxygen concentration (p< 0.001) and temperature (p< 0.005) were the two
most significant factors driving separations in the viral communities (Figs. 5A and 5B).

Although further data is needed to disentangle the relative effects of temperature versus
oxygen concentration on viral community structure, we posit that oxygen concentration
is the more influential factor, inferred from the punctuated change in the viral community
composition at the base of the oxycline (Fig. 4B). Neither salinity, the location of the
deep chlorophyll maximum or station identity (2 vs. 6) were significant drivers of putative
archaeal virus community structure in our analyses. This result is not surprising considering
that there was minimal variation of salinity along either station’s depth gradient, known
Archaea do not contain chlorophyll (Blankenship, 2010) and the temperature and oxygen
profiles were similar between these two stations.

Analysis of 16S rRNA genes in the ETNP via NMDS ordination revealed that the
population distribution of Archaea in both stations is also significantly influenced by
oxygen concentration (p> 0.05) (Fig. 5C) and temperature (p< 0.005) (Fig. 5D). This
is consistent with the observed patterns in putative archaeal virus populations; however,
temperature appeared to the most significant factor influencing the distribution of Archaea
in these samples. Analysis of the 16s rRNA gene abundance and composition profiles
suggests that a distinct archaeal community is found at both stations 2 and 6 (Fig. 1D)
(Data S7).

The dissimilarity between the archaeal populations at either station was further verified
by comparison of Bray–Curtis dissimilarity matrices via mantel test (p> 0.5, Mantels
r =−0.156). Specifically, at station 6, T hermoplasmata were at the highest abundance
and numerically dominated the archaeal community in the oxygenated surface waters, and
Thaumarchaeota increased in abundance at the upper oxycline but displayed relatively low
abundance in OMZ core and below (Fig. 1C). At station 2, Thermoplasmata is present at
low abundances in the surface, became more abundant in the upper and lower oxycline,
and were at low abundances in the OMZ core. The Thaumarchaeota in station 2 are absent
in the surface waters, but numerically dominated the archaeal community in the upper and
lower oxycline, and were at low abundances within the OMZ core (Fig. 1C). Both stations
display the highest collective archaeal abundances in the surface and upper oxycline with
the exception of station 2, where surface water archaeal abundances were relatively low.
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Figure 4 Ecology and relative abundance of putative archaeal viruses. (A) Evenness (Pielou’s J), alpha
diversity (Shannon-Weiner index), and relative abundance, at each sample site and depth. The relative
abundance and alpha diversity of putative ETNP archaeal virus populations tracks gradients in oxygen
concentration, with the highest abundances found in habitats with high oxygen and vice versa. Viral even-
ness is high and relatively consistent in each. (B) Relative abundance of archaeal virus populations at each
station and sample depth determined by mapping quality trimmed reads to the 43 archaeal virus popula-
tions. The units of the abundance measurements are the logarithm (base 10) of the read coverage, normal-
ized by the number of bases in the trimmed read file and contig size. The dendrogram on the x-axis rep-
resents the 43 ETNP archaeal virus populations, clustered by relative abundance per sample, and the den-
drogram on the y-axis represents the sample locations grouped according to similarities in contig compo-
sition. Nodes with approximately unbiased (AU) bootstrapping values greater then 95 (p ≤ 0.05) are dis-
played with a dot.

While other archaeal phyla become enriched at the OMZ core, the lowest total archaeal
abundances in either station are found at this depth (Fig. 1C).

That oxygen concentration and temperature in the ETNP appeared to most strongly
influence the Archaea and archaeal virus community structure is not surprising given that
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Figure 5 Non-metric multidimensional scaling analysis of ETNP putative archaeal virus and Archaea
population distribution in relation to environmental variables.Measurements of temperature, oxygen,
salinity, chlorophyll a, and depth were examined to determine which of these features influences the sep-
arations among both archaeal virus populations and Archaea in each habitat. Oxygen concentration (A)
and Temperature (B) most significantly influenced the ETNP archaeal virus population distribution non-
linearly. Oxygen concentration (C) and Temperature (D) also have a linear impact on the distribution of
the Archaea. Depth was also found to significantly influence archaeal virus population distributions but
this is likely due to a co-variable effect with oxygen and temperature. Salinity and chlorophyll a do not ex-
hibit a significant correlation with the archaeal virus or archaeal population distributions.

numerous studies have revealed the strong effects of oxygen concentration and temperature
on microbial community structure in the marine environment, including effects on the
archaeal community structure (Wright, Konwar & Hallam, 2012; Allers et al., 2013a; Allers
et al., 2013b; Francis et al., 2005; Hawley et al., 2014). In sunlit, warm, oxygenated waters
the Marine Group II Thermoplasmata are abundant, representing about 5–35% of total
microbial assemblages in a variety of marine environments (Pernthaler et al., 2002; Teira
et al., 2004; Belmar, Molina & Ulloa, 2011). These Euryarchaeota are thought to influence
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global carbon cycling via proteorhodopsin-mediated photoheterotrophy (Iverson et al.,
2012; Frigaard et al., 2006; Zhang et al., 2015). At the base of and below the photic zone,
microbial respiration consumes oxygen, creating the oxycline and ultimately an OMZ. In
this cooler oxycline and OMZ water, Thaumarchaeota, formally known as Marine Group
I, can represent up to about one-quarter of the total microbial census (Belmar, Molina &
Ulloa, 2011; Podlaska et al., 2012; Wright, Konwar & Hallam, 2012) and up to one-fifth of
all microbial mRNA transcripts (Stewart, Ulloa & Delong, 2012).

The non-linear relationship of both oxygen concentration and temperature on the
distribution of the putative archaeal viruses may be reflective of an overarching relationship
with the distribution of the host Archaea. Qualitatively, and statistically (though with
limited power) the abundance profiles of the 43 archaeal virus populations described here
correlate with that of Thermoplasmatales MGII (Pearson > 0.8, Spearman > 0.8) (Data S8
and S9) (Fig. S3). This may suggest that some of the 43 putative archaeal viruses infect this
archaeal group; however, this conclusion is drawn from limited data and cannot be verified
without more direct linkage between virus and host from either more in-depth ordination
analysis, matching CRISPR arrays or similar k-mer nucleotide frequencies (Emerson et al.,
2013; Roux et al., 2015a; Roux et al., 2015b; Allers et al., 2013a; Allers et al., 2013b), none of
which yielded significant results in this study. Seawater samples could also be examined via
microscopy and phageFISH to link viruses to hosts, however this has not been attempted
using either Archaea or archaeal viruses. This research suggests that the observed putative
archaeal virus populations in the ETNP may infect a small subset of Archaea populations
shared between the two divergent archaeal communities observed in both stations.

During the review process for this paper two more articles highlighting marine archaeal
viruses were published. In the first Philosof et al. (2017) identified 26 putative archaeal virus
genomes and genome fragments, which may be associated with the ecologically important
MGII Euryarchaeota, and appear to encode a unique archaeal replication mechanism. The
second describes an additional 58 putative marine archaeal virus genomes derived from
the Tara Oceans viromes and Osaka Bay based on homology to Euryarchaeal Marine
Group II chaperonin genes phylogenetic analysis using tBLASTx genomic similarity scores
(Nishimura et al., 2017).

CONCLUSIONS
Using MArVD, we conservatively identify 43 putative archaeal virus populations from the
mesophilic oceans and use these populations to explore archaeal virus ecology in relation
to environmental features throughout the ETNP OMZ. We show that the population
distribution of these putative archaeal viruses is significantly correlated with the gradient
of oxygen concentration and temperature and coincides with the stratification of marine
Archaea, suggesting that the observed niche differentiation among these putative archaeal
viruses is reflective of the distribution of their potential hosts. We note, however, that our
estimates of archaeal viral diversity in this system are likely underestimated, due in part
to the still limited representation of confirmed archaeal viruses in public databases. With
further advancement of technologies, methods, and reference databases which allow for
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the linkage of viruses and hosts in a high throughput manner we can better understand the
ecological implications of viral infection, and especially the role of archaeal virus infection,
globally.
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Data Availability
The following information was supplied regarding data availability:

The raw data has been supplied as Supplementary Files. MArVD is available for
download and use at (https://bitbucket.org/MAVERICLab/marvd) and on iVirus at
the CyVerse Discovery Environment (https://de.cyverse.org/de/). Assembled putative
archaeal virus contigs, R scripts and the raw supplemental data are available on
iVirus at the CyVerse Discovery Environment at (https://de.cyverse.org/de/) in folder
(/iplant/home/shared/iVirus/Vik_et_al_2017_data) and at bitbucket (https://bitbucket.
org/MAVERICLab/marvd). Station 2 16S rRNA gene sequences are deposited under
bioproject ID: PRJNA345356, Station 6 were previously deposited as Bioproject ID:
PRJNA263621.

Supplemental Information
Supplemental information for this article can be found online at http://dx.doi.org/10.7717/
peerj.3428#supplemental-information.

REFERENCES
Allers E, Moraru C, DuhaimeMB, Beneze E, Solonenko N, Barrero-Canosa J, Amann

R, SullivanMB. 2013a. Single-cell and population level viral infection dynamics
revealed by phageFISH, a method to visualize intracellular and free viruses. Environ-
mental Microbiology 15(8):2306–2318 DOI 10.1111/1462-2920.12100.

Allers E, Wright JJ, Konwar KM, Howes CG, Beneze E, Hallam SJ, SullivanMB. 2013b.
Diversity and population structure of marine group A bacteria in the northeast sub-
arctic pacific ocean. The ISME Journal 7(2):256–268 DOI 10.1038/ismej.2012.108.

Anantharaman K, DuhaimeMB, Breier JA,Wendt KA, Toner BM, Dick GJ. 2014.
Sulfur oxidation genes in diverse deep-sea viruses. Science 344(6185):757–761
DOI 10.1126/science.1252229.

Ankrah NYD,May AL, Middleton JL, Jones DR, HaddenMK, Gooding JR, LeCleir GR,
Wilhelm SW, Campagna SR, Buchan A. 2014. Phage infection of an environmen-
tally relevant marine bacterium alters host metabolism and lysate composition. The
ISME Journal 8(5):1089–1100 DOI 10.1038/ismej.2013.216.

Belmar L, Molina V, Ulloa O. 2011. Abundance and phylogenetic identity of archaeo-
plankton in the permanent oxygen minimum zone of the eastern tropical South Pa-
cific. FEMS Microbiology Ecology 78(2):314–326 DOI 10.1111/j.1574-6941.2011.01159.x.

Blankenship RE. 2010. Early evolution of photosynthesis 1. Plant Physiology
154:434–438 DOI 10.1104/pp.110.161687.

Bolduc B, Youens-Clark K, Roux S, Hurwitz BL, SullivanMB. 2016. iVirus: facilitating
new insights in viral ecology with software and community data sets imbedded in a
cyberinfrastructure. The ISME Journal 11:7–14 DOI 10.1038/ismej.2016.89.

Bolger AM, Lohse M, Usadel B. 2014. Trimmomatic: a flexible trimmer for illumina se-
quence data. Bioinformatics 30(15):2114–2120 DOI 10.1093/bioinformatics/btu170.

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 19/26

https://peerj.com
http://dx.doi.org/10.7717/peerj.3428#supplemental-information
https://bitbucket.org/MAVERICLab/marvd
https://de.cyverse.org/de/
https://de.cyverse.org/de/
https://bitbucket.org/MAVERICLab/marvd
https://bitbucket.org/MAVERICLab/marvd
http://www.ncbi.nlm.nih.gov/bioproject/?term=PRJNA345356
http://www.ncbi.nlm.nih.gov/bioproject/?term=PRJNA263621
http://dx.doi.org/10.7717/peerj.3428#supplemental-information
http://dx.doi.org/10.7717/peerj.3428#supplemental-information
http://dx.doi.org/10.1111/1462-2920.12100
http://dx.doi.org/10.1038/ismej.2012.108
http://dx.doi.org/10.1126/science.1252229
http://dx.doi.org/10.1038/ismej.2013.216
http://dx.doi.org/10.1111/j.1574-6941.2011.01159.x
http://dx.doi.org/10.1104/pp.110.161687
http://dx.doi.org/10.1038/ismej.2016.89
http://dx.doi.org/10.1093/bioinformatics/btu170
http://dx.doi.org/10.7717/peerj.3428


Brum JR, Ignacio-espinoza JC, Roux S, Doulcier G, Acinas SG, Alberti A, Chaffron
S. 2015. Patterns and ecological drivers of ocean viral communities. Science
348(6237):1–10 DOI 10.1126/science.1261498.

Brum JR, SullivanMB. 2015. Rising to the challenge: accelerated pace of discov-
ery transforms marine virology. Nature Reviews Microbiology 13(3):147–159
DOI 10.1038/nrmicro3404.

BryanMJ, Burroughs NJ, Spence EM, Clokie MRJ, Mann NH, Bryan SJ. 2008. Evidence
for the intense exchange of mazg in marine cyanophages by horizontal gene transfer.
PLOS ONE 3(4):1–12 DOI 10.1371/journal.pone.0002048.

Canfield DE, Glazer AN, Falkowski PG. 2010. REVIEW the evolution and future of
earth’s nitrogen cycle. Science 330:192–196 DOI 10.1126/science.1186120.

Caporaso JG, Kuczynski J, Stombaugh J, Bittinger K, Bushman FD, Costello EK,
Fierer N, Peña AG, Goodrich AG, Gordon JI, Huttley G, Kelley ST, Knights D,
Koenig JE, Ley RE, Lozupone CA, Mcdonald D, Muegge BD, PirrungM, Reeder
J, Sevinsky JR, Turnbaugh PJ, WaltersWA,Widmann J, Yatsunenko T, Zaneveld
JRR, Knight R. 2010. Correspondence QIIME allows analysis of high- throughput
community sequencing data intensity normalization improves color calling in
SOLiD sequencing. Nature 7(5):335–336.

Caporaso JG, Lauber CL,WaltersWA, Berg-Lyons D, Lozupone CA, Turnbaugh
PJ, Fierer N, Knight R. 2011. Global patterns of 16S rRNA diversity at a depth of
millions of sequences per sample. Proceedings of the National Academy of Sciences of
the United States of America 108:4516–4522 DOI 10.1073/pnas.1000080107.

Cassman N, Prieto-Davó A,Walsh K, Silva GGZ, Angly F, Akhter S, Barott K, Busch
J, McDole T, Haggerty JM,Willner D, Alarcón G, Ulloa O, DeLong EF, Dutilh
BE, Rohwer F, Dinsdale EA. 2012. Oxygen minimum zones harbour novel viral
communities with low diversity. Environmental Microbiology 14(11):3043–3065
DOI 10.1111/j.1462-2920.2012.02891.x.

Chow CET,Winget DM,White RA, Hallam SJ, Suttle CA. 2015. Combining genomic
sequencing methods to explore viral diversity and reveal potential virus-host
interactions. Frontiers in Microbiology 6:1–15 DOI 10.3389/fmicb.2015.00265.

Comeau AM, Krisch HM. 2005.War is peace—dispatches from the bacterial and phage
killing fields. Current Opinion in Microbiology 8(4):488–494
DOI 10.1016/j.mib.2005.06.004.

Danovaro R, Dell’Anno A, Corinaldesi C, Rastelli E, Cavicchioli R, Krupovic M, Noble
RT, Nunoura T, Prangishvili D. 2016. Virus-mediated archaeal hecatomb in the
deep seafloor. Science Advances 2(10):1–10 DOI 10.1126/sciadv.1600492.

Dellas N, Snyder JC, Bolduc B, YoungMJ. 2014. Archaeal viruses: diversity, replication,
and structure. Annual Review of Virology 1:399–426
DOI 10.1146/annurev-virology-031413-085357.

Dendooven T, Van den Bossche A, Hendrix H, Ceyssens P-J, VoeM, Bandyra KJ, De
Maeyer M, Aertsen A, Noben J-P, Hardwick SW, Luisi BF, Lavigne R. 2016. Viral
interference of the bacterial RNA metabolism machinery. RNA Biology 14(1):6–10
DOI 10.1080/15476286.2016.1251003.

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 20/26

https://peerj.com
http://dx.doi.org/10.1126/science.1261498
http://dx.doi.org/10.1038/nrmicro3404
http://dx.doi.org/10.1371/journal.pone.0002048
http://dx.doi.org/10.1126/science.1186120
http://dx.doi.org/10.1073/pnas.1000080107
http://dx.doi.org/10.1111/j.1462-2920.2012.02891.x
http://dx.doi.org/10.3389/fmicb.2015.00265
http://dx.doi.org/10.1016/j.mib.2005.06.004
http://dx.doi.org/10.1126/sciadv.1600492
http://dx.doi.org/10.1146/annurev-virology-031413-085357
http://dx.doi.org/10.1080/15476286.2016.1251003
http://dx.doi.org/10.7717/peerj.3428


DeSantis TZ, Hugenholtz P, Larsen N, Rojas M, Brodie EL, Keller K, Huber T, Dalevi
D, Hu P, Andersen GL. 2006. Greengenes, a chimera-checked 16S rRNA gene
database and workbench compatible with ARB. Applied and Environmental Micro-
biology 72(7):5069–5072 DOI 10.1128/AEM.03006-05.

Edgar RC. 2010. Search and clustering orders of magnitude faster than BLAST. Bioinfor-
matics 26(19):2460–2461 DOI 10.1093/bioinformatics/btq461.

Emerson JB, Thomas BC, Andrade K, Heidelberg KB, Banfield JF. 2013. New ap-
proaches indicate constant viral diversity despite shifts in assemblage structure
in an Australian Hypersaline Lake. Applied and Environmental Microbiology
79(21):6754–6764 DOI 10.1128/AEM.01946-13.

Finn RD, Bateman A, Clements J, Coggill P, Eberhardt RY, Eddy SR, Heger A,
Hetherington K, Holm L, Mistry J, Sonnhammer ELL, Tate J, Punta M. 2014.
Pfam: the protein families database. Nucleic Acids Research 42(D1):D222–D230
DOI 10.1093/nar/gkt1223.

Francis CA, Roberts KJ, Beman JM, Santoro AE, Oakley BB. 2005. Ubiquity and
diversity of ammonia-oxidizing archaea in water columns and sediments of the
ocean. Proceedings of the National Academy of Sciences of the United States of America
102(41):14683–14688 DOI 10.1073/pnas.0506625102.

Frigaard N-U, Martinez A, Mincer TJ, DeLong EF. 2006. Proteorhodopsin lat-
eral gene transfer between marine planktonic bacteria and archaea. Nature
439(7078):847–850 DOI 10.1038/nature04435.

Fu L, Niu B, Zhu Z,Wu S, LiW. 2012. CD-HIT: accelerated for clustering the next-
generation sequencing data. Bioinformatics 28(23):3150–3152
DOI 10.1093/bioinformatics/bts565.

Fuhrman JA. 1999.Marine viruses and their biogeochemical and ecological effects.
Nature 399(6736):541–548 DOI 10.1038/21119.

Ganesh S, Bristow LA, LarsenM, Sarode N, Thamdrup B, Stewart FJ. 2015.
Size-fraction partitioning of community gene transcription and nitrogen
metabolism in a marine oxygen minimum zone. The ISME Journal 9:2682–2696
DOI 10.1038/ismej.2015.44.

Geslin C, Le Romancer M, Erauso G, GaillardM, Perrot G, Prieur D. 2003. PAV1, the
first virus-like particle isolated from a hyperthermophilic euryarchaeote, ‘Pyrococcus
Abyssi’. Journal of Bacteriology 185(13):3888–3894
DOI 10.1128/JB.185.13.3888-3894.2003.

Gorlas A, Koonin E V, Bienvenu N, Prieur D, Geslin C. 2012. TPV1, the first virus iso-
lated from the hyperthermophilic genus Thermococcus. Environmental Microbiology
14(2):503–516 DOI 10.1111/j.1462-2920.2011.02662.x.

Gorlas A, Krupovic M, Forterre P, Geslin C. 2013. Living side by side with a virus: char-
acterization of two novel plasmids from Thermococcus Prieurii, a host for the spindle-
shaped virus TPV1. Applied and Environmental Microbiology 79(12):3822–3828
DOI 10.1128/AEM.00525-13.

Guidi L, Chaffron S, Bittner L, Eveillard D, Larhlimi A, Roux S, Darzi Y, Audic S,
Berline L, Brum JR, Coelho LP, Espinoza JCI, Malviya S, Sunagawa S, Dimier

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 21/26

https://peerj.com
http://dx.doi.org/10.1128/AEM.03006-05
http://dx.doi.org/10.1093/bioinformatics/btq461
http://dx.doi.org/10.1128/AEM.01946-13
http://dx.doi.org/10.1093/nar/gkt1223
http://dx.doi.org/10.1073/pnas.0506625102
http://dx.doi.org/10.1038/nature04435
http://dx.doi.org/10.1093/bioinformatics/bts565
http://dx.doi.org/10.1038/21119
http://dx.doi.org/10.1038/ismej.2015.44
http://dx.doi.org/10.1128/JB.185.13.3888-3894.2003
http://dx.doi.org/10.1111/j.1462-2920.2011.02662.x
http://dx.doi.org/10.1128/AEM.00525-13
http://dx.doi.org/10.7717/peerj.3428


C, Kandels-Lewis S, Picheral M, Poulain J, Searson S, Tara Oceans Consortium
Coordinators, Stemmann L, Not F, Hingamp P, Speich S, FollowsM, Karp-Boss
L, Boss E, Ogata H, Pesant S, Weissenbach J, Wincker P, Acinas SG, Bork P,
De Vargas C, Iudicone D, SullivanMB, Raes J, Karsenti E, Bowler C, Gorsky G.
2016. Plankton networks driving carbon export in the oligotrophic ocean. Nature
532(7600):465–470 DOI 10.1038/nature16942.

Hawley AK, Brewer HM, Norbeck AD, Paša-Tolić L, Hallam SJ. 2014.Metaproteomics
reveals differential modes of metabolic coupling among ubiquitous oxygen mini-
mum zone microbes. Proceedings of the National Academy of Sciences of the United
States of America 111(31):11395–11400 DOI 10.1073/pnas.1322132111.

Hurwitz BL, Hallam SJ, SullivanMB. 2013.Metabolic reprogramming by viruses in the
sunlit and dark ocean. Genome Biology 14:R123
DOI 10.1186/gb-2013-14-11-r123.

Hurwitz BL, U’Ren JM. 2016. Viral metabolic reprogramming in marine ecosystems.
Current Opinion in Microbiology 31:161–168 DOI 10.1016/j.mib.2016.04.002.

Ignacio-Espinoza JC, SullivanMB. 2012. Phylogenomics of T4 cyanophages: lateral
gene transfer in the ‘core’ and origins of host genes. Environmental Microbiology
14:2113–2126 DOI 10.1111/j.1462-2920.2012.02704.x.

Iverson V, Morris RM, Frazar CD, Berthiaume CT, Morales RL, Armbrust EV. 2012.
Untangling genomes from metagenomes: revealing an uncultured class of marine
euryarchaeota. Science 335(6068):587–590 DOI 10.1126/science.1212665.

Kalvelage T, Lavik G, JensenMM, Revsbech NP, Löscher C, Schunck H, Desai DK,
Hauss H, Kiko R, Holtappels M, Laroche J, Schmitz RA, GracoMI, Kuypers MMM.
2015. Aerobic microbial respiration in oceanic oxygen minimum zones. PLOS ONE
10(7):1–17 DOI 10.1371/journal.pone.0133526.

Karner MB, DeLong EF, Karl DM. 2001. Archaeal dominance in the mesopelagic zone of
the Pacific Ocean. Nature 409:507–510 DOI 10.1038/35054051.

Katoh K, Standley DM. 2013.MAFFT multiple sequence alignment software version
7: improvements in performance and usability.Molecular Biology and Evolution
30(4):772–780 DOI 10.1093/molbev/mst010.

King AMQ, AdamsMJ, Carstens EB, Lefkowitz EJ (eds.) 2012. Virus taxonomy, ninth
report of the international committee on taxonomy of viruses. Elsevier, 1–1327.

Kolde AR. 2015. ‘‘Package Pheatmap 1.0.8’’. 1–7.
Koskella B, Brockhurst MA. 2014. Bacteria-phage coevolution as a driver of ecological

and evolutionary processes in microbial communities. FEMS Microbiology Reviews
38(5):916–931 DOI 10.1111/1574-6976.12072.

Kozich JJ, Westcott SL, Baxter NT, Highlander SK, Schloss PD. 2013. Development of
a dual-index sequencing strategy and curation pipeline for analyzing amplicon se-
quence data on the miseq illumina sequencing platform. Applied and Environmental
Microbiology 79(17):5112–5120 DOI 10.1128/AEM.01043-13.

Labonté JM, Swan BK, Poulos B, Luo H, Koren S, Hallam SJ, SullivanMB,Woyke
T, EricWommack K, Stepanauskas R. 2015. Single-cell genomics-based analysis

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 22/26

https://peerj.com
http://dx.doi.org/10.1038/nature16942
http://dx.doi.org/10.1073/pnas.1322132111
http://dx.doi.org/10.1186/gb-2013-14-11-r123
http://dx.doi.org/10.1016/j.mib.2016.04.002
http://dx.doi.org/10.1111/j.1462-2920.2012.02704.x
http://dx.doi.org/10.1126/science.1212665
http://dx.doi.org/10.1371/journal.pone.0133526
http://dx.doi.org/10.1038/35054051
http://dx.doi.org/10.1093/molbev/mst010
http://dx.doi.org/10.1111/1574-6976.12072
http://dx.doi.org/10.1128/AEM.01043-13
http://dx.doi.org/10.7717/peerj.3428


of virus-host interactions in marine surface bacterioplankton. The ISME Journal
9(11):2386–2399 DOI 10.1038/ismej.2015.48.

Lam P, Kuypers MMM. 2011.Microbial nitrogen cycling processes in oxygen minimum
zones. Annual Review of Marine Science 3(1):317–345
DOI 10.1146/annurev-marine-120709-142814.

Langmead B, Salzberg SL. 2012. Fast gapped-read alignment with bowtie 2. Nature
Methods 9(4):357–359 DOI 10.1038/nmeth.1923.

Letunic I, Bork P. 2011. Interactive tree of life v2: online annotation and display
of phylogenetic trees made easy. Nucleic Acids Research 39(Suppl. 2):475–478
DOI 10.1093/nar/gkq818.

Li H. 2011. A statistical framework for snp calling, mutation discovery, association
mapping and population genetical parameter estimation from sequencing data.
Bioinformatics 27(21):2987–2993 DOI 10.1093/bioinformatics/btr509.

Lima-Mendez G, Van Helden J, Toussaint A, Leplae R. 2008. Reticulate representation
of evolutionary and functional relationships between phage genomes.Molecular
Biology and Evolution 25(4):762–777 DOI 10.1093/molbev/msn023.

Lindell D, Jaffe JD, Johnson ZI, Church GM, Chisholm SW. 2005. Photosynthesis genes
in marine viruses yield proteins during host infection. Nature 438(7064):86–89
DOI 10.1038/nature04111.

Lindell D, SullivanMB, Johnson ZI, Tolonen AC, Rohwer F, Chisholm SW. 2004.
Transfer of photosynthesis genes to and from prochlorococcus viruses. Pro-
ceedings of the National Academy of Sciences of the United States of America
101(30):11013–11018 DOI 10.1073/pnas.0401526101.

Magoč T, Salzberg SL. 2011. FLASH: fast length adjustment of short reads to improve
genome assemblies. Bioinformatics 27(21):2957–2963
DOI 10.1093/bioinformatics/btr507.

MiddelboeM, Jørgensen NOG, Kroer N. 1996. Effects of viruses on nutrient turnover
and growth efficiency of noninfected marine bacterioplankton. Applied and Environ-
mental Microbiology 62(6):1991–1997.

Millard A, Clokie MRJ, Shub DA, Mann NH. 2004. Genetic organization of the ps-
bAD region in phages infecting marine synechococcus strains. Proceedings of the
National Academy of Sciences of the United States of America 101(30):11007–11012
DOI 10.1073/pnas.0401478101.

Nishimura Y,Watai H, Honda T, Mihara T, Omae K, Roux S, Blanc-Mathieu R,
Yamamoto K, Hingamp P, Sako Y, SullivanMB, Goto S, Ogata H, Yoshida TV.
2017. Environmental viral genomes shed new light on virus–host interactions in the
ocean.mSphere 2(2):1–19 DOI 10.1128/mSphere.00359-16.

Oksanen J. 2015.Multivariate analysis of ecological communities in R. 1–40. Available at
http:// cc.oulu.fi/~jarioksa/opetus/metodi/ vegantutor.pdf .

Padilla CC, Bristow LA, Sarode N, Garcia-Robledo E, Gómez Ramírez E, Benson
CR, Bourbonnais A, Altabet MA, Girguis PR, Thamdrup B, Stewart FJ. 2016.
NC10 bacteria in marine oxygen minimum zones. The ISME Journal 10(8):1–5
DOI 10.1038/ismej.2015.92.

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 23/26

https://peerj.com
http://dx.doi.org/10.1038/ismej.2015.48
http://dx.doi.org/10.1146/annurev-marine-120709-142814
http://dx.doi.org/10.1038/nmeth.1923
http://dx.doi.org/10.1093/nar/gkq818
http://dx.doi.org/10.1093/bioinformatics/btr509
http://dx.doi.org/10.1093/molbev/msn023
http://dx.doi.org/10.1038/nature04111
http://dx.doi.org/10.1073/pnas.0401526101
http://dx.doi.org/10.1093/bioinformatics/btr507
http://dx.doi.org/10.1073/pnas.0401478101
http://dx.doi.org/10.1128/mSphere.00359-16
http://cc.oulu.fi/~jarioksa/opetus/metodi/vegantutor.pdf
http://dx.doi.org/10.1038/ismej.2015.92
http://dx.doi.org/10.7717/peerj.3428


Padilla CC, Ganesh S, Gantt S, Huhman A, Parris DJ, Sarode N, Stewart FJ. 2015.
Standard filtration practices may significantly distort planktonic microbial diversity
estimates. Frontiers in Microbiology 6:1–10.

Paul BG, Bagby SC, Czornyj E, Arambula D, Handa S, Sczyrba A, Ghosh P, Miller JF,
Valentine DL. 2015. Targeted diversity generation by intraterrestrial archaea and
archaeal viruses. Nature Communications 6(6585):1–8 DOI 10.1038/ncomms7585.

Pernthaler A, Preston CM, Pernthaler J, Delong EF, Amann R. 2002. Comparison
of fluorescently labeled oligonucleotide and polynucleotide probes for the detec-
tion of pelagic marine bacteria and archaea comparison of fluorescently labeled
oligonucleotide and polynucleotide probes for the detection of pelagic marine bacter.
Applied and Environmental Microbiology 68(2):661–667
DOI 10.1128/AEM.68.2.661-667.2002.

Philosof A, Yutin N, Flores-Uribe J, Sharon I, Koonin EV, Béjà O. 2017. Novel abun-
dant oceanic viruses of uncultured marine group II Euryarchaeota. Currrent Biology
27(9):1362–1368 DOI 10.1016/j.cub.2017.03.052.

Podlaska A,Wakeham S, Fanning K, Taylor G. 2012.Microbial community structure
and productivity in the oxygen minimum zone of the eastern tropical North Pacific.
Deep-Sea Research I66:77–89.

Price MN, Dehal PS, Arkin AP. 2010. FastTree 2–approximately maximum-likelihood
trees for large alignments. PLOS ONE 5(3):e9490 DOI 10.1371/journal.pone.0009490.

Puxty RJ, Millard AD, Evans DJ, Scanlan DJ. 2016. Viruses inhibit CO2 fixation in
the most abundant phototrophs on earth. Current Biology 26(12):1585–1589
DOI 10.1016/j.cub.2016.04.036.

Rabosky DL, Grundler M, Anderson C, Title P, Shi JJ, Brown JW, Huang H, Lar-
son JG. 2014. BAMMtools : an R package for the analysis of evolutionary dy-
namics on phylogenetic trees.Methods in Ecology and Evolution 5:701–707
DOI 10.1111/2041-210X.12199.

Roux S, Brum JR, Dutilh BE, Sunagawa S, DuhaimeMB, Loy A, Poulos BT, Solonenko
N, Lara E, Poulain J, Pesant S, Kandels-Lewis S, Dimier C, Picheral M, Searson
S, Cruaud C, Alberti A, Duarte CMM, Gasol JMM. 2016. Ecogenomics and
biogeochemical impacts of uncultivated globally abundant ocean viruses. Nature
537(7622):689–693 DOI 10.1038/nature19366.

Roux S, Enault F, Hurwitz BL, SullivanMB. 2015a. VirSorter: mining viral signal from
microbial genomic data. PeerJ 3:e985 DOI 10.7717/peerj.985.

Roux S, Hallam SJ, Woyke T, SullivanMB. 2015b. Viral dark matter and virus–host
interactions resolved from publicly available microbial genomes. ELIFE 4:1–20.

Roux S, Tournayre J, Mahul A, Debroas D, Enault F. 2014.Metavir 2: new tools for
viral metagenome comparison and assembled virome analysis. BMC Bioinformatics
15(76):1–12 DOI 10.1186/1471-2105-15-76.

Shannon CE,WeaverW. 1949. The mathematical theory of communication. The Bell
System Technical Journal 27(4):379–423, 623–656.

Shannon P, Markiel A, Ozier O, Baliga NS,Wang JT, Ramage D, Amin N, Schwikowski
B, Ideker T. 2003. Cytoscape: a software environment for integrated models

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 24/26

https://peerj.com
http://dx.doi.org/10.1038/ncomms7585
http://dx.doi.org/10.1128/AEM.68.2.661-667.2002
http://dx.doi.org/10.1016/j.cub.2017.03.052
http://dx.doi.org/10.1371/journal.pone.0009490
http://dx.doi.org/10.1016/j.cub.2016.04.036
http://dx.doi.org/10.1111/2041-210X.12199
http://dx.doi.org/10.1038/nature19366
http://dx.doi.org/10.7717/peerj.985
http://dx.doi.org/10.1186/1471-2105-15-76
http://dx.doi.org/10.7717/peerj.3428


of biomolecular interaction networks. Genome Research 13(11):2498–2504
DOI 10.1101/gr.1239303.

Soler N, Marguet E, Cortez D, Desnoues N, Keller J, Van Tilbeurgh H, Sezonov
G, Forterre P. 2010. Two novel families of plasmids from hyperthermophilic
archaea encoding new families of replication proteins. Nucleic Acids Research
38(15):5088–5104 DOI 10.1093/nar/gkq236.

Stern A, Sorek R. 2011. The phage-host arms-race: shaping the evolution of microbes.
Bioessays 33(1):43–51 DOI 10.1002/bies.201000071.

Stevens H, Ulloa O. 2008. Bacterial diversity in the oxygen minimum zone of the
eastern tropical South Pacific. Environmental Microbiology 10(5):1244–1259
DOI 10.1111/j.1462-2920.2007.01539.x.

Stewart FJ, Ulloa O, Delong EF. 2012.Microbial metatranscriptomics in a perma-
nent marine oxygen minimum zone. Environmental Microbiology 14(1):23–40
DOI 10.1111/j.1462-2920.2010.02400.x.

Stoddard LI, Martiny JBH, MarstonMF. 2007. Selection and characterization of
cyanophage resistance in marine synechococcus strains. Applied and Environmental
Microbiology 73(17):5516–5522 DOI 10.1128/AEM.00356-07.

SullivanMB, Lindell D, Lee JA, Thompson LR, Bielawski JP, Chisholm SW. 2006.
Prevalence and evolution of core photosystem ii genes in marine cyanobacterial
viruses and their hosts. PLOS Biology 4(8):1344–1357
DOI 10.1371/journal.pbio.0040234.

Suttle C. 2007.Marine viruses—major players in the global ecosystem. Nature Reviews
Microbiology 5:801–812 DOI 10.1038/nrmicro1750.

Suzuki R, Shimodaira H. 2015. ‘‘Package pvclust v2.0-0’’. 1–14.
Teira E, Reinthaler T, Pernthaler A, Pernthaler J, Herndl GJ. 2004. Combining catalyzed

reported deposition-fluorescence in situ hybridization and automicrography to de-
tect substrate utilization by bacteria and archaea in the deep ocean. Applied and Envi-
ronmental Microbiology 70(7):4411–4414 DOI 10.1128/AEM.70.7.4411-4414.2004.

Thompson LR, Zeng Q, Kelly L, Huang KH, Singer AU, Stubbe J, Chisholm SW. 2011.
Phage auxiliary metabolic genes and the redirection of cyanobacterial host carbon
metabolism. Proceedings of the National Academy of Sciences of the United States of
America 108(39):E757–E764 DOI 10.1073/pnas.1102164108.

Tiano L, Garcia-Robledo E, Revsbech NP. 2014. A new highly sensitive method to
assess respiration rates and kinetics of natural planktonic communities by use of
the switchable trace oxygen sensor and reduced oxygen concentrations. PLOS ONE
9(8):1–13 DOI 10.1371/journal.pone.0105399.

Ulloa O, Canfield DE, DeLong EF, Letelier RM, Stewart FJ. 2012.Microbial
oceanography of anoxic oxygen minimum zones. Proceedings of the National
Academy of Sciences of the United States of America 109(40):15996–16003
DOI 10.1073/pnas.1205009109.

VosM, Birkett PJ, Birch E, Griffiths RI, Buckling A. 2009. Local adaptation of bacterio-
phages to their bacterial hosts in soil. Science 325(5942):833
DOI 10.1126/science.1174173.

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 25/26

https://peerj.com
http://dx.doi.org/10.1101/gr.1239303
http://dx.doi.org/10.1093/nar/gkq236
http://dx.doi.org/10.1002/bies.201000071
http://dx.doi.org/10.1111/j.1462-2920.2007.01539.x
http://dx.doi.org/10.1111/j.1462-2920.2010.02400.x
http://dx.doi.org/10.1128/AEM.00356-07
http://dx.doi.org/10.1371/journal.pbio.0040234
http://dx.doi.org/10.1038/nrmicro1750
http://dx.doi.org/10.1128/AEM.70.7.4411-4414.2004
http://dx.doi.org/10.1073/pnas.1102164108
http://dx.doi.org/10.1371/journal.pone.0105399
http://dx.doi.org/10.1073/pnas.1205009109
http://dx.doi.org/10.1126/science.1174173
http://dx.doi.org/10.7717/peerj.3428


Waterhouse AM, Procter JB, Martin DMA, ClampM, Barton GJ. 2009. Jalview version
2—a multiple sequence alignment editor and analysis workbench. Bioinformatics
25(9):1189–1191 DOI 10.1093/bioinformatics/btp033.

Wiens JJ. 2005. Can incomplete taxa rescue phylogenetic analyses from long-branch
attraction? Systematic Biology 54(5):731–742 DOI 10.1080/10635150500234583.

Wilhelm SW, Suttle CA. 1999. Viruses and nutrient cycles the aquatic food webs.
BioScience 49(10):781–788 DOI 10.2307/1313569.

Wright JJ, Konwar KM, Hallam SJ. 2012.Microbial ecology of expanding oxygen mini-
mum zones. Nature Reviews Microbiology 10(6):381–394 DOI 10.1038/nrmicro2778.

Zhang CL, XieW,Martin-Cuadrado AB, Rodriguez-Valera F. 2015.Marine group II
archaea, potentially important players in the global ocean carbon cycle. Frontiers in
Microbiology 6(1108):1–9 DOI 10.3389/fmicb.2015.01108.

Zivanovic Y, Armengaud J, Lagorce A, Leplat C, Guérin P, Dutertre M, Anthouard V,
Forterre P,Wincker P, Confalonieri F. 2009. Genome analysis and genome-wide
proteomics of thermococcus gammatolerans, the most radioresistant organism known
amongst the archaea. Genome Biology 10(6):R70 DOI 10.1186/gb-2009-10-6-r70.

Vik et al. (2017), PeerJ, DOI 10.7717/peerj.3428 26/26

https://peerj.com
http://dx.doi.org/10.1093/bioinformatics/btp033
http://dx.doi.org/10.1080/10635150500234583
http://dx.doi.org/10.2307/1313569
http://dx.doi.org/10.1038/nrmicro2778
http://dx.doi.org/10.3389/fmicb.2015.01108
http://dx.doi.org/10.1186/gb-2009-10-6-r70
http://dx.doi.org/10.7717/peerj.3428

