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ABSTRACT
Adequate soil moisture around the root zone of the crops is essential for optimal
plant growth and productivity throughout the crop season, whereas excessive as well
as deficient moisture is usually detrimental. A field experiment was conducted on
cotton (Gossipium hirsuttum) with three water regimes (viz. well-watered (control);
rainfed after one post-sowing irrigation (1-POSI) and rainfed after two post-sowing
irrigations (2-POSI)) in main plots and application of eight osmoprotectants in sub
plots of Split plot design to quantify the loss of seed cotton yield (SCY) under high
and mild moisture stress. The DSSAT-CROPGRO-cotton model was calibrated to
validate the response of cotton crop to water stress. Results elucidated that in
comparison of well watered (control) crop, 1-POSI and 2-POSI reduced plant height
by 13.5–28.4% and lower leaf area index (LAI) by 21.6–37.6%. Pooled analysis
revealed that SCY under control was higher by 1,127 kg ha−1 over 1-POSI and
597 kg ha−1 than 2-POSI. The DSSAT-CROPGRO-cotton model fairly simulated the
cotton yield as evidenced by good accuracy (d-stat ≥ 0.92) along with lower root
mean square error (RMSE) of ≤183.2 kg ha−1; mean absolute percent error (MAPE)
≤6.5% under different irrigation levels. Similarly, simulated and observed biomass
also exhibited good agreement with ≥0.98 d-stat; ≤533.7 kg ha−1 RMSE; and
≤4.6% MAPE. The model accurately simulated the periodical LAI, biomass and soil
water dynamics as affected by varying water regimes in conformity with periodical
observations. Both the experimental and the simulated results confirmed the decline
of SCY with any degree of water stress. Thus, a well calibrated DSSAT-CROPGRO-
cotton model may be successfully used for estimating the crop performance under
varying hydro-climatic conditions.
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INTRODUCTION
Although India is a major cotton producer with 13 M ha area and 29.5 M bales production
its productivity of 494 kg ha−1 is very low when compared to world average cotton
productivity of 764 kg ha−1 (Prakash, 2019; Singh, Brar & Mishra, 2021). The appearance
of various biotic and abiotic constraints during crop growth period is the primary reason
for the poor productivity (Mahalingam, 2015; Pandey, Ramegowda & Senthil-Kumar,
2015; Singh, Rathore & Mishra, 2022b; Habib-ur-Rahman et al., 2022). High temperatures
at early growth stages increase the field evaporation and crop transpiration excessively
which exacerbates the water stress in the cotton fields. Poor distribution of untimely and
scanty rainfall often causes huge reductions in the cotton production. Paltasingh, Goyari &
Mishra (2012) also reported that cotton yield is largely affected by both rainfall and
temperature through crop-weather interactions.

In India, about 65% of the cotton cultivation is rainfed. However, in north-western
India comprising the states like Punjab, Haryana and Rajasthan, cotton is grown under
irrigated conditions. In Punjab, out of 4.2 M ha total cultivated area, 4.01 M ha is irrigated.
Canal irrigation covers only 28% area, while 72% area is irrigated by tube wells (Brar,
Buttar & Sharma, 2018). Consequently, groundwater table is depleting at a scale of 0.51 m
year−1 (Singh et al., 2022a). The annual water balance of the state shows a deficit of 1.6 M
ha−m and, by the year 2050, per capita availability of surface water is projected to fall
drastically (Arora & Kukal, 2017). A comprehensive study elucidated that against annual
availability of 21.6 billion m3 (BCM) in Punjab, the groundwater extraction is 35.8 BCM
(Anonymous, 2018). The continuous Rice-Wheat cropping system (RWCS) in Punjab
cumulatively needs about 2,000 mm of water in which rice crop alone requires
approximately 1,600 mm (Bhatt et al., 2021). The high water requirement of RWCS
necessitates replacing the rice with less water consuming crop like cotton, which offers a
great potential for water resource conservation without compromising with the economic
returns (Singh, Singh & Mishra, 2020).

Large fluctuations in weather conditions largely affect the cotton growth and
productivity (Kaur et al., 2019). Cotton needs about 550 to 950 mm of water during its life
cycle to be met either through rainfall or irrigation. In southwestern region of Punjab, the
average rainfall of the cotton growing season (~365 mm) usually fails to meet the cotton
crop water requirement. Furthermore, diurnal maximum temperature usually exceeds
45 �C and occasionally reaches 48 �C during sowing period or during early crop growth
phase which coincides with the high evaporation period in semi-arid environments (Singh,
Brar & Mishra, 2021). It is well established that rainfall and temperature jointly govern
about 50% of yield variation of dry land cotton while other crop management factors affect
the remaining variability.

Owing to the aforementioned climatic aberrations, the cotton crop in near future is
expected to face multiple abiotic stresses, including high temperature and reduced water
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availability (Timothy & Michael, 2014; Rahman et al., 2020). Large variability is expected
with extremely high temperatures and high precipitation (Napoli et al., 2019; Praveen et al.,
2020). Consequently, with projected warming and extreme temperature, the increased
crop water requirement would exert more pressure for producing more yield per drop of
water (Liu et al., 2021). Thus, agriculture is expected to be badly affected from drought
rather than the extreme rainfall events (Auffhammer, Ramanathan & Vincent, 2012; Neal
et al., 2020). Under such circumstances, an increase of 10 mm of rainfall could enhance the
cotton yield meagerly by 7 kg ha−1 (Raju et al., 2014). Hence, it is confirmed that the
moisture stress would result into hampered growth and physiological processes (dos Santos
et al., 2022), decreased net photosynthesis (Bryant et al., 2021), transpiration (Goufo et al.,
2017), stomatal conductance (Singh, Rathore &Mishra, 2022b), leaf water potential (Goche
et al., 2020), lower plant height (Singh, Brar & Singh, 2018a), poor leaf area index (Singh,
Singh &Mishra, 2020), and reduced root development (Daryanto, Wang & Jacinthe, 2020).
Under such circumstances, Hejnák et al. (2015) reported a 50% reduction in the crop
biomass besides 50–73% reduction in the potential cotton yield (Langridge & Reynolds,
2015). Although, fiber quality traits are majorly governed by inherent genetic characters
(but weather conditions and moisture status during fiber cell development phase directly
influence the lint quality (Kaur, Mishra & Singh, 2023). Early fiber elongation (0–15 days
after anthesis) is vital for fiber quality but water stress impedes it by reducing the fiber
length and uniformity. Soil water deficit negatively affects fiber strength and elongation,
while adequate water boosts fiber maturity.

Plants under moisture stress exert over accumulation of reactive oxygen species such as
hydrogen peroxide (Hasanuzzaman et al., 2019), superoxide (Berwal & Ram, 2018),
hydroxyl and alkoxy radicals (Mittova, Volokita & Guy, 2015) in cellular organs such as
chloroplasts (Dietz, Turkan & Krieger-Liszkay, 2016), mitochondria (Huang et al., 2016),
and peroxisomes (Sandalio & Romero-Puertas, 2015) which cause irreversible DNA
damage and cell death (Huang et al., 2019). Contrarily, externally applied Glycine betaine
could encounter the harmful effect of abiotic stresses, stimulate the growth parameters and
yield through various physiological and biochemical processes (Khalid et al., 2015).

Crop growth simulation models are quantitative tools extensively being used worldwide
to evaluate the individual or combined effect of edapho-climatic and management on
growth, and crop yield (Mishra et al., 2015; Rahman et al., 2018). The CROPGRO-cotton
model is set of the crop growth algorithms available within the decision support system for
agrotechnology transfer (DSSAT) cropping system model (Li et al., 2020; Mishra, Kaur &
Singh, 2021). This model has been already applied to assess the impacts of various crop
management options such as irrigation water requirement (Garibay et al., 2019; Rahman
et al., 2019), effects of climatic variability on yield (Paz et al., 2012), effect of temperature
and solar radiation on seed cotton yield (SCY) (Pal, Kataria & Singh, 2016), and other
input options, Mishra, Kaur & Singh (2021) have evaluated this model for cotton growth
stages, leaf area index (LAI), crop height, above ground dry matter and SCY under
different sowing environments. However, impact of deficit water stress due to rainfall
shortage and reduced irrigation on the cotton growth and SCY has been little reported in
previous studies. Nevertheless, model assisted appropriation of irrigation frequency based
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on actual crop water needs offers ample opportunity to optimize the existing irrigation
facilities for ensuring high SCY and environmental sustainability (Singh et al., 2022a).
The field experiments and model-based results may precisely be used to improve the crop
productivity under different hydro-climatic and management scenarios. Therefore,
objectives of the present study were (i) to analyze the impact of optimum and deficit
irrigation levels on phenology, growth and SCY, and (ii) to simulate the growth and yield
attributes of cotton under optimal and sub-optimal moisture conditions using DSSAT-
CROPGRO-cotton model and their comparison with two simulated treatments of
automatic irrigation and rainfed scenarios.

MATERIALS AND METHODS
Edapho-climatic description of experimental site
A 2-year field study has been conducted during summer of 2018 and 2019 at Punjab
Agricultural University, Regional Research Station, Faridkot (latitude 30�40′N, longitude
74�44′E, altitude 200 m above mean sea level). The experimental site is a typical
representative of subtropical, semi-arid climate of north-western India and falls under
south-west region of the Indian Punjab, having 420 mm of normal annual precipitation
(Mishra, Kaur & Singh, 2021). The soil texture of the experimental site was sandy loam.

Field experiment and treatment details
The experiment was conducted in a Split plot design having three water regimes (viz.
recommended/well-watered (control), rainfed after one post-sowing irrigation (1-POSI) at
30–35 DAS (days after sowing) i.e., highly stressed crop (M2), and rainfed after two
post-sowing irrigations (2-POSI) i.e., mildly stressed crop (M3)) in main plots and foliar
application of eight different osmoprotectants (viz. S1: Control; S2: Urea @ 2%; S3: KNO3 @
2%; S4: Thio urea @ 500 ppm; S5: Salicylic acid @50 ppm; S6: Glycine Betaine @100 ppm;
S7: Salicylic acid @100 ppm, and S8: Pink Pigmented Facultative Methylo-bacteria (PPFM)
@1%) in sub plots with three replications. Sub-plots treatments were studied to view the
ameliorative effects of osmoprotectants under different levels of water stress applied from
70 to 80 DAS in all treatments. Already, Singh, Rathore & Mishra (2022b) have evaluated
the response of aforementioned osmoprotectants on growth and SCY under semi-arid
conditions. Therefore, in the present study, we have attempted to simulate the effect of
water stress caused by deficit irrigation levels (only main plot treatments) on cotton crop
using the DSSAT-CROPGRO-cotton model (version 4.7). Hence, data generated in
sub-plots were not used in this manuscript. Standard crop management practices
recommended by the Punjab Agricultural University (http://www.pau.edu/content/ccil/pf/
pp_kharif.pdf) were thoroughly adopted.

Field preparation and layout
The entire experimental field was given a heavy pre-sowing irrigation (PSI) of 100 mm 1
week before sowing. When moisture reached at field capacity, the field has been ploughed
using disc harrow. Thereafter, 2–3 ploughings were again given to the whole field with a
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tractor drawn cultivator each followed by planking. At proper soil tilth, field was divided
into 72 uniform plots by following layout of Split plot design.

Cultivar, sowing date, planting geometry and fertilizer application
The Bt cotton (Cv. RCH776 BGII) was sown by dibbling two seeds hill−1 during both years
on April 28, 2018 and May 21, 2019. After first irrigation only one healthy plant hill−1

(having row to row distance of 67.5 cm and plant to plant spacing of 75 cm) was retained
by manual thinning. Nitrogen (N) @ 75.0 kg ha−1 was uniformly applied through urea in
two equal splits (½ dose of N as a basal application during field preparation and another ½
dose of N applied at 3 days after 1-POSI).

Soil and weather characteristics
Soil samples from different layers of the experimental field were collected from 0 to 90 cm
at every 15 cm depth interval. Different physio-chemical properties of soil such as texture,
organic carbon (OC), N, phosphorus (P), potash (K), cation exchange capacity (CEC),
bulk density (BD) and field capacity (FC) were determined for each layer using standard
procedures (Table 1). Daily weather data (Table 2) on minimum and maximum
temperature (�C), morning and afternoon relative humidity (%), bright sunshine duration
(hour), rainfall (mm), and evaporation (mm) were recorded from Agrometeorological
observatory established near the experimental field. For both years, different
agrometeorological indices were computed using minimum threshold temperature of
12.0 �C (Dhir et al., 2021).

Irrigation and soil moisture
A heavy PSI was uniformly applied to all experimental plots through surface flood method
(Singh, Singh &Mishra, 2020). During 2018, the plots under control received a total of four
irrigations, whereas only one and two irrigations were applied to the plots under 1-POSI
and 2-POSI, respectively through furrow method. However, during 2019 crop season, the
control treatment received an additional irrigation (total five) due to low rainfall (Table 3).
From each plot, three soil samples at 0–30 and 30–60 cm depth were taken for
determination of soil water content through gravimetric method at 35 days interval.

Table 1 Soil characteristics of the experiment field.

Depth
(cm)

pH EC
(dSm−1)

OC
(%)

N
(kg ha−1)

P
(kg ha−1)

K
(kg ha−1)

CEC
(Cmolkg−1)

BD
(gcm−3)

FC
(cmcm−1)

Texture

0–15 7.18 0.717 0.61 263.4 38.1 230.7 8.31 1.53 20.0 Sandy loam

15–30 7.20 0.711 0.57 238.3 38.0 194.8 8.04 1.55 20.4 Sandy loam

30–45 8.14 0.723 0.51 200.7 32.5 156.8 8.01 1.56 20.8 Sandy loam

45–60 7.95 0.711 0.40 150.5 25.7 96.3 7.99 1.60 21.7 Sandy loam

60–75 7.62 0.715 0.37 125.4 22.3 80.6 8.20 1.65 22.8 Sandy loam

75–90 7.16 0.730 0.31 115.0 20.8 73.9 8.44 1.68 23.0 Sandy loam

Note:
Where, pH, power of hydrogen; EC, electric conductivity; OC, organic carbon; N, nitrogen; P, phosphorus, K, potash; CEC, cation exchange capacity; BD, bulk density;
FC, field capacity.
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In order to determine the highest and lowest yield potential of irrigation in the region,
DSSAT-CROPGRO-cotton model was used for simulating crop growth and yield
performance for two additional irrigation treatments of (i) automatic and (ii) rainfed
scenarios in addition to previously described three irrigation schedules (control, 1-POSI,
and 2-POSI).

Growth and seed cotton yield parameters
Crop phenological stages were visually observed from 10 randomly selected plants from
each plot. However, leaf area index (LAI) and plant height were measured from five plants
per plot selected at random at 30, 60, 90, 120 and 150 DAS. The weight of above ground
parts of cotton plant was also taken at different periodical intervals to determine the rate of
above ground dry matter accumulation. The cotton yield of two manual pickings recorded
at 164 and 185 DAS was summed up to obtain the final SCY.

DSSAT-CROPGRO-cotton model
The cotton crop development passes through different growth stages (emergence,
appearance of the first leaf, first flower, first seed, first cracked (open) boll/physiological
maturity and 90% open bolls/harvest maturity) which depend upon the accumulation of
photo thermal units starting from sowing until harvest. DSSAT-CROPGRO-cotton model
simulated phenological events based upon photo thermal duration. Crop growth and

Table 2 Crop season weather conditions during 2018 and 2019.

Year Mean Cumulative

Tmax (�C) Tmin (�C) Humidity (%) Rain
(mm)

Evap.
(mm)

BSS (hour) GDD
(�C day)

HTU (�C day hour) PTU (�C day hour)

2018 35.5 24.7 61 414.0 1,093 908 2,718 13,825 36,453

2019 34.9 24.2 63 296.3 961 980 2,525 14,592 33,524

Mean 35.2 24.4 62 355.2 1,027 944 2,622 14,208 34,988

Table 3 Number of irrigations applied and their time of application to different treatments.

Irrigation
number

Time of irrigation (days after sowing, DAS)

Control 1-POSI 2-POSI

2018 2019 2018 2019 2018 2019

I 35 DAS 35 DAS 35 DAS 35 DAS 35 DAS 35 DAS

II 70 DAS 65 DAS - - 80 DAS 80 DAS

III 90 DAS 80 DAS - - - -

IV 125 DAS 120 DAS - - - -

V - 145 DAS - - - -

Irrigation water applied =
Irrigation depth (75 mm) × No. of irrigation

300 mm 375 mm 75 mm 75 mm 150 mm 150 mm
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development in the DSSAT-CROPGRO-cotton model is estimated on a daily basis, while
the photosynthesis is estimated at hourly intervals (Hoogenboom et al., 2019). For daily
evapotranspiration (ET), this model follows Priestley-Taylor and Penman-Monteith
equation approaches. In present study, the Penman-Monteith method was opted for ET
estimation. For simulation of carbon (C), N, and hydrological processes, this model follows
the mass balance principles (Thorp et al., 2014). However, the light interception is
simulated by following Hedgerow canopy method. The model also estimates the soil water
and soil N stress which subsequently inhibit the carbohydrate availability for plant growth.
Finally, the assimilated C is partitioned to various plant organs such as leaves, stems, roots,
bolls, seed cotton (seed + fiber) etc. Simulation of the leaf senescence depends on the leaf
age, remobilization of N, water deficits, photo-thermal stress and physiological maturity.
The root senescence appears due to deficit and excess soil water availability (Thorp et al.,
2014) however, drainage of soil water was computed using the tipping bucket approach.

Required input files for DSSAT-CROPGRO-cotton model
The crop growth simulation outputs vary with edapho-climatic conditions, cultivar
characteristics and management practices. Among the crop management factors, the
DSSAT-CROPGRO-cotton model requires the dates of sowing, depths and type of tillage,
planting dates, sowing depth, crop geometry, plant population, amounts and dates of
irrigation, dates and quantity/type of fertilizer application, etc. (Mishra, Kaur & Singh,
2021). Similarly, cultivar characteristics include the sensitivity to day length, heat unit
requirement at various pheno-phases, rate of leaf photosynthesis, leaf size, specific leaf
area, carbohydrate partitioning towards bolls, size of seed, and harvest index. Soil profiles
characterized with soil water limits (lower limit of water readily available to plants, upper
limit of drainage and saturated soil water content), root growth features, saturated
hydraulic conductivity, bulk density, pH, initial water, inorganic N, and OC conditions are
considered. Besides, information of soil parameters such as drainage rate, albedo, and
runoff curve are also among various pre-requisites of soil module of the DSSAT model.
Minimum weather data include daily minimum and maximum temperature, solar
irradiance, and precipitation. Inclusion of some more weather variables such as wind
speed, evaporation, relative humidity, dew point temperature, etc. improve the ET
estimation. Recently in DSSAT, a simple ozone impact assessment tool has been also
introduced for wheat (Guarin et al., 2019).

Calibration and validation of the CROPGRO-cotton model
The calibration and validation of the model are necessary pre-requisites for accurate and
reliable simulation for a new cultivar. Calibration is required to minimize the error
between simulated and observed components (Mishra et al., 2013, 2015). For calibration,
the DSSAT model has two different options namely the Generalized Likelihood
Uncertainty Estimation, GLUE and the Genetic Coefficient Calculator, GENCALC
(Adnan et al., 2019). In the present study, parameterization of the genetic coefficient was
done using the GLUE estimator. However, the final calibrated values were established after
minor genetic coefficient adjustments by repeatedly running the model until simulated
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parameters closely matched the measured values. First year experimental data of 2018 were
utilized to develop the genetic coefficients (Table 4) however, during the next year (2019)
experimental data were used for model validation (Table 5).

Statistical analysis using modeling tools
Build in statistical indices were used for model evaluation such as RMSE (root mean square
error), MAPE (mean absolute percentage error), MBE (mean bias error) and d-stat (index
of agreement) following Dar et al. (2017) and Singh et al. (2018b) (Table 5). The lower
RMSE, MBE, MAPE value (near to 0) and higher d-value (near to 1) are desirable for
accurate simulation (Ahmad et al., 2013). The d-stat values >0.65 are indicative of fair
simulation (Wu et al., 2019).

Table 4 Description of genetic coefficients used in CROPGRO-cotton.

S.
No.

Genetic coefficient Abbreviation Testing
range

Calibrated values for
RCH776 BGII

Cultivar parameters

1 Critical short day length below which reproductive development progresses with no day
length effect (for short day plants) (hour)

CSDL 21–24 23.0

2 Slope of the relative response of development to photoperiod with time (positive for short
day plants) (1/hour)

PPSEN 0.01 0.01

3 Photothermal days from emergence to flower appearance EM-FL 34–44 41.0

4 Photothermal days from beginning flower to beginning boll FL-SH 6–12 9.5

5 Photothermal days from beginning flower to beginning seed FL-SD 8–17 11.5

6 Photothermal days from beginning seed to maturity SD-PM 38–50 45.5

7 Time between first flower (R1) and end of leaf expansion FL-LF 50–83 56.0

8 Maximum leaf photosynthesis rate LFMAX 0.7–1.4 1.1

9 Specific leaf area SLAVR 1.0–175 1.0

10 Maximum size of full leaf SIZLF 2.0–320 2.0

11 Maximum fraction of daily growth partitioned to seed + shell XFRT 0.7–0.9 0.6

12 Maximum weight per seed WTPSD 0.18–0.19 0.180

13 Photothermal days for seed filling per individual seed SFDUR 22–38 30.0

14 Average seed numbers per boll SDPDV 20–29 27.0

15 Photothermal days to reach final boll load PODUR 8–14 12.0

16 Threshing percentage (maximum ratio of [seed/(seed + shell)]) THRSH 68–72 70.0

17 Fraction protein in seeds (g(protein)/g(seed)) SDPRO 0.135–0.16 0.16

18 Fraction oil in seeds (g(oil)/g(seed)) SDLIP 0.120–0.15 0.120

Ecotype parameters

1. Time between planting and emergence (photothermal days) PL-EM 3–5 4

2. Time required from emergence to first true leaf (photothermal days) EM-V1 3–5 4

3. Relative width of the ecotype in comparison to the standard width per node RWDTH 0.8–1.0 1

4. Relative height of the ecotype in comparison to the standard height per node RHGHT 0.8–0.95 0.80

5. Time from first flower to last leaf on main stem (photothermal days) FL-VS 40–75 75

6. Rate of appearance of leaves on the mainstem (leaves per photothermal day) TRIFL 0.18–0.25 0.18
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RESULTS
Soil and weather characteristics
Results of the soil sample analysis indicated that soil texture of the experimental field was
predominantly sandy loam (Table 1). The upper 15 cm soil profile contained 0.61% OC,
and 263.4, 38.1 and 230.7 kg ha−1 of N, P and K, respectively. The CEC was 8.31 Cmol
kg−1, while BD value was 1.53 gcm−3. Different soil layers had a pH range of 7.16–8.50, EC
value of 0.71–0.73 dSm−1, 0.31–0.61% of OC, 125.4–263.4 kg ha−1 of N, 20.8–38.1 kg ha−1

of P, 73.92–230.72 kg ha−1 of K, 7.99–8.44 C mol kg−1 of CEC, 1.53–1.68 g cm−3 of BD and
20–23% of FC values. The fertility level gradually decreased from top to lower soil depths.
The analysis of weather data during crop growth period depicted that the mean maximum
and minimum temperatures were 26.6–43.0 �C and 8.8–29.8 �C during 2018, and
22.9–44.4 �C and 9.8–28.3 �C during 2019, respectively (Fig. 1). Morning and afternoon
relative humidity was 30.3–92.1% and 12.4–68.6% in 2018 and 47.7–93.3% and
20.4–69.1% in year 2019, respectively. During 2018 and 2019, the cumulative bright
sunshine duration was 908 and 980 h, respectively. During the first crop season, minimum
and maximum temperatures were slightly higher over later years. Consequently, 132 mm
more evaporation and 61.1 mm higher rainfall was recorded during 2018 as compared to
the latter year (2019). The crop season rainfall of 345 mm in 21 rainy days (days having
≥2.5 mm rain) during 2018 (Fig. 2A) and 283.9 mm in 19 rainy days during 2019 were
recorded. Rain showers (days with <2.5 mm rainfall amount) were observed for 5 and 14
days during 2018 and 2019, respectively. During 2018 and 2019, 125 and 118 days
experienced no rainfall (i.e., dry days), respectively (Figs. 2A and 2B). The 2 years mean
GDD (growing degree days), HTU (helio-thermal unit) and PTU (photo thermal unit)
values were 2,622 �C day, 14,208 �C day and 34,988 �C day hour, respectively (Table 2).

Observed and simulated phenological stages
The duration of mean observed anthesis was 72.3 ± 2.5 days in 2018 and 69.3 ± 2.5 days in
2019, whereas it’s mean simulated value was 73.0 ± 4.0 and 69.7 ± 3.5 days, respectively. A
close agreement for actual and simulated days to anthesis was evident by the lower mean

Table 5 Statistical measures to assess the model performance.

S. N. Statistical parameter Formula Reference

1. Mean absolute error (MAE) Pn
i¼1

½1Pi � Oi1�=n Panda, Behera & Kashyap (2003)

2. Mean bias error (MBE) Pn
i¼1

½Pi � Oi�=n Panda, Behera & Kashyap (2003)

3. Root mean square error (RMSE) Pn
i¼1

ðPi � OiÞ2=n
� �1=2 Langensiepen et al. (2008)

4. Mean absolute percentage error (MAPE) 1
n

Pn
i¼1

100 Pi � Oi
Oi

��� ��� Panda, Behera & Kashyap (2003)

5. Index of agreement (‘d’ statistics) Pn
i¼1

ðPi � OiÞ2=
Pn
i¼1

ðIP0
iI� IO0

iIÞ2
� �

Willmott et al. (1985)
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absolute error (MAE) 1.3 and 1.0 day and root mean squre error (RMSE) 1.4 and 1.0 day
during both years. A high d-stat value ranging from 0.93 to 0.96 confirmed the fair
simulation of the cotton anthesis. Similarly, the first boll was observed on 92.3 ± 6.8 and
91.7 ± 8.3 DAS during 2018 and 2019, while the simulated value was 93.0 for both study
years. The values for MAE and mean bias error (MBE) were 1.3 and 0.7 days during 2018,
and 2.7 and 1.3 days during 2019, respectively. The lower RMSE (1.4 and 3.2 days) and
higher d-stat (0.98 and 0.93) was observed for the simulation of boll initiation day. During
2018 and 2019, the observed maturity was 178.3 ± 9.7 and 173.3 ± 10.7 days, while the
simulated maturity appeared at 179.0 ± 5.6 and 175.7 ± 7.6 days, respectively.
The corresponding values for MAE and MBE were 3.3 and 0.7 days during 2018 and 3.0
and 2.3 days during 2019, respectively. The lower RMSE range of (3.4–3.5) and higher
d-stat (0.92–0.95) witnessed the close relation between observed and simulated duration
for crop maturity (Table 6).

Observed and simulated leaf area index and plant height
The maximum observed LAI was 3.26 ± 0.73 during 2018 and 4.55 ± 0.32 during 2019,
while the corresponding simulated values of 3.27 ± 0.89 and 4.52 ± 0.37, respectively
exhibited very close fit with the observed values (Fig. 3A). The values of d-stat ranged from
0.95 to 0.99 for LAI during 2019 and 2018; respectively (Table 7). The plant height was
significantly affected by different irrigation regimes (Fig. 3B). Pooled results revealed that
the crop supplied with adequate irrigation (Control) exhibited taller plants (1.75 m)
followed by mild water stress i.e., 2-POSI (1.48 m), while significantly dwarf plants
(1.28 m) were evident under extreme water stress regime (1-POSI). The observed mean

Figure 1 Variation in weather conditions mean temperature (time series), mean relative humidity
(time series), total rainfall (histogram), total evaporation (histogram) at different pheno-phases of
cotton during 2018 and 2019. Full-size DOI: 10.7717/peerj.16329/fig-1
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plant height ranged between 1.62 m during 2018 and 1.38 m during 2019 with
corresponding standard deviation (SD) of ±0.24 and ±0.22 m, but range of the model
simulated plant height was 1.63 ± 0.33 m and 1.43 ± 0.26 m, respectively. The DSSAT-
CROPGRO-cotton model recorded lower RMSE (0.07–0.09) and higher d-stat (0.95–0.97)

Figure 2 Daily and accumulated rainfall during 2018 (A) and 2019 (B).
Full-size DOI: 10.7717/peerj.16329/fig-2

Table 6 Phenological calendar of cotton during 2018 and 2019.

Treatments Complete emergence
(DAS)

50% Squaring
(DAS)

50% Flowering
(DAS)

50% Boll formation
(DAS)

50% Boll opening
(DAS)

50%
Maturity
(DAS)

2018 2019 2018 2019 2018 2019 2018 2019 2018 2019 2018 2019

Recommended (control) 7 5 74 72 102 101 131 130 150 152 182 185

1-POSI 7 5 70 67 89 86 115 113 134 133 164 164

2-POSI 7 5 72 69 92 89 120 118 142 140 173 171
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Figure 3 Mean leaf area index (A), plant height (B), seed cotton yield (C) and above ground biomass
(D) under different irrigation levels. Full-size DOI: 10.7717/peerj.16329/fig-3

Table 7 Observed and simulated soil water content (mm3 mm−3) during 2018 and 2019.

Irrigation levels Year Mean_O SD_O Mean_S SD_S R2 MAE MBE RMSE d-Stat

Layer 1: 0–30 cm

Recommended 2018 0.122 0.031 0.132 0.031 0.909 0.012 0.010 0.013 0.997

2019 0.117 0.036 0.107 0.043 0.950 0.013 −0.011 0.015 0.995

1-POSI 2018 0.087 0.042 0.080 0.052 0.985 0.010 −0.007 0.012 0.994

2019 0.086 0.041 0.081 0.047 0.981 0.008 −0.005 0.009 0.996

2-POSI 2018 0.097 0.031 0.100 0.036 0.849 0.011 0.004 0.013 0.994

2019 0.091 0.034 0.087 0.033 0.792 0.012 −0.004 0.015 0.991

Layer 2: 30–60 cm

Recommended 2018 0.126 0.027 0.130 0.034 0.925 0.008 0.004 0.010 0.998

2019 0.121 0.034 0.122 0.045 0.884 0.013 0.001 0.016 0.995

1-POSI 2018 0.092 0.047 0.088 0.056 0.988 0.010 −0.005 0.011 0.995

2019 0.093 0.046 0.146 0.096 0.026 0.057 0.053 0.114 0.727

2-POSI 2018 0.094 0.046 0.101 0.049 0.970 0.010 0.008 0.011 0.996

2019 0.093 0.045 0.093 0.037 0.880 0.011 0.000 0.015 0.992
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for simulation of cotton plant height (Table 7). The observed LAI was higher than the
simulated LAI until 80 DAS and afterward, there was a good agreement between these two
(Figs. 4C and 4D). The simulated LAI for the automatic irrigation remained maximum
however, minimum LAI values were found for the rainfed condition, during both years.
The LAI values of the control, 2-POSI, and 1-POSI not only followed descending order but
also remained between those of the automatic and rainfed environments.

Figure 4 Observed and simulated biomass (A and B) and leaf area index (C and D) during 2018 and
2019. Full-size DOI: 10.7717/peerj.16329/fig-4
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Observed and simulated seed cotton yield and above ground biomass
During 2018 and 2019, the observed SCY was 3,413 ± 564.0 and 2,707 ± 637.0 kg ha−1,
while the simulated SCY was 3,424 ± 656.9 and 2,814 ± 476.9 kg ha−1, respectively
(Fig. 3C). For SCY simulation, the MAE (81.8–175.8 kg ha−1) and MBE
(10.7–107.2 kg ha−1) values remained within the acceptable range. For SCY simulation,
RMSE was 91.5 kg ha−1 in 2018 and 234.1 kg ha−1 in 2019 with high d-stat of 0.93 and 0.99
for respective years. During 2018 and 2019, mean observed and simulated biomass by the
DSSAT-CROPGRO-cotton model was 8,974 to 9,812 kg ha−1 and 8,804 to 10,141 kg ha−1

(Fig. 3D) with SD of ±2,779 and ±2,489 kg ha−1 (observed) and ±2,008 and ±3,084 kg ha−1

(simulated). The model simulated biomass with 452.9 to 533.7 kg ha−1 RMSE, −170.4
to 328.8 kg ha−1 MBE and d-stat value of 0.99 to 0.98. The observed and simulated biomass
was within good degree of agreement. The periodical biomass simulated by the
CROPGRO-cotton model matched fairly close with the actual measured values. The poor
biomass production simulated by the model for rainfed conditions (Figs. 4A and 4B) could
be indicative for developing strategies for dry land cotton cultivation. On the other hand,
simulation outcomes for the automatic irrigation impart attention towards the yield gap
between actual and potential production levels. DSSAT-CROPGRO-cotton model has
been found suitable to simulate impact of control, 1-POSI and 2-POSI irrigation regimes
on biomass accumulation and seed cotton yield.

Observed and simulated soil water content
Different irrigation regimes considerably affected the soil water content of soil profile
(Fig. 5). Among different irrigation regimes, relatively higher moisture content has been
recorded in lower layer (30–60 cm) than upper layer (0–30 cm) at 30 DAS and 40 DAS.
Later, considerably higher soil water in both the soil layers was observed for the subsequent
period. For three (control, 1-POSI and 2-POSI irrigation regimes) plus two treatments
(automatic and rainfed), the CROPGRO-cotton model predicted the soil water content of
each soil layer both years (Figs. 5A and 5J) with RMSE of 0.016 mm3 mm−3, R2 > 0.84, and
d-stat > 0.72 (Table 8). The model performance for simulating soil water content was
superior in 2018 to that of the following year. The observed soil water content of the
recommended irrigation in 2018 (Fig. 5A) and 2019 (Fig. 5B) was 0.122 ± 0.31 and 0.117 ±
0.036 mm3 mm−3 for the soil layer above 30 cm and 0.126 ± 0.27 and 0.121 ± 0.034 mm3

mm−3 for the layer below 30 cm. However, the corresponding simulated soil water content
was 0.132 ± 0.31 and 0.107 ± 0.043 mm3 mm−3 at 0–30 cm soil depth and 0.130 ± 0.34 and
0.122 ± 0.045 mm3 mm−3 at 30–60 cm soil depth, respectively. During both years, the
simulated soil water content of soil layers above 30 cm well-matched with the observed
range (Figs. 5A and 5B), but below 30 cm soil profiles, it remained slightly above to the
observed line, especially during early and later developmental stages (Fig. 5B). The soil
moisture content of 1-POSI for both years (Figs. 5C and 5D) closely matched with the
observed until 45 DAS, but over forecasted for the subsequent period. Similarly in 2-POSI,
the soil water content during early development stages showed considerable variance
during 2018 (Fig. 5E) compared to 2019. (Fig. 5F). As on the 144th day during 2018,
(Fig. 5G) and at 148th day in 2019, the CROPGRO-cotton model terminated the
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simulation process of soil water content under a rainfed environment (Fig. 5H). However,
after activating the automatic irrigation option, it was extended to more than 180 days for
both years (Figs. 5I and 5J). Regardless of the soil profile, the rainfed (Figs. 5G and 5H) and
automatic irrigation (Figs. 5I and 5J) patterns for the soil water content were nearly similar
in both years. Unadjusted plant transpiration coefficient may be a blame factor for the
overestimations of soil water content. However, such discrepancies between cotton growth

Figure 5 (A–J) Observed and simulated soil water content (mm3 mm−3) under different irrigation
scenarios. Full-size DOI: 10.7717/peerj.16329/fig-5
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and yield parameters predicted by models and actually observed are well documented
(Hussein, Janat & Yakoub, 2011).

DISCUSSION
The cotton growth and yield were considerably influenced by the moisture regimes. On an
average, the control (i.e., the non-stressed) crop required up to 185 days duration to
achieve the physiological maturity, whereas due to enforced maturity, 1-POSI required the
minimum duration of 164 days (Table 6). The impacts of water stress on crop performance
vary depending upon the growth stages and health of crop. The water stress during seeding
stage restricts the emergence and flowering of cotton (Li et al., 2019). Besides, it also
curtailed growth and yield potential of cotton over well-watered crop (Figs. 3 and 4).
The crop which received sufficient irrigation, resulted in maximum LAI (4.0 in 2018 and
4.8 in 2019), and it was decreased to (3.3–4.6) under 2-POSI and (3.3–4.2) under 1-POSI
(Figs. 4B and 4C). When water supply was constrained, as it was in the case of 1-POSI, the
expansion in the leaf area was significantly reduced. Like this, taller plants were observed

Table 8 Observed and simulated cotton phenology, growth and yield attributes during 2018 and
2019.

Error
analysis

Emergence (DAS) Anthesis (DAS) First boll (DAS) Maturity (DAS)

2018 2019 2018 2019 2018 2019 2018 2019

Phenological stages

Mean_O 5.0 5.0 72.3 69.3 92.3 91.7 178.3 173.3

SD_O – – 2.5 2.5 6.8 8.3 9.7 10.7

Mean_S 5.5 5.0 73.0 69.7 93.0 93.0 179.0 175.7

SD_S – – 4.0 3.5 5.6 6.6 5.6 7.6

MAE – – 1.3 1.0 1.3 2.7 3.3 3.0

MAPE – – 1.8 1.4 1.4 2.9 1.9 1.7

MBE – – 0.7 0.3 0.7 1.3 0.7 2.3

RMSE – – 1.4 1.0 1.4 3.2 3.5 3.4

d-Stat – – 0.93 0.96 0.98 0.93 0.92 0.95

Leaf area index Plant height
(m)

Seed cotton yield
(kg ha−1)

Above ground biomass (kg ha−1)

Growth and yield attributes

Mean_O 3.26 4.55 1.62 1.38 3,413 2,707 9,812 8,974

SD_O 0.73 0.32 0.24 0.22 564.0 637.0 2,779 2,489

Mean_S 3.27 4.52 1.63 1.43 3,424 2,814 10,141 8,804

SD_S 0.89 0.37 0.33 0.26 656.9 476.2 3,084 2,008

MAE 0.13 0.10 0.06 0.08 81.8 175.8 403.2 416.5

MAPE 4.0 2.2 3.7 5.8 2.4 6.5 4.1 4.6

MBE 0.01 −0.03 0.02 0.05 10.7 107.2 328.8 −170.4

RMSE 0.14 0.12 0.07 0.09 91.5 183.2 452.86 533.73

d-Stat 0.99 0.95 0.97 0.95 0.99 0.96 0.99 0.98

Note:
Where, DAS, days after sowing; O, observed; S, simulated; SD, standard deviation (±); R2, coefficient of determination;
MAE, mean absolute error; MBE, mean biased error; RMSE, root mean square error; d-stat, d-statistics.
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under control (1.75 m), followed by those under 2-POSI (1.48 m) and 1-POSI (1.28 m)
(Fig. 3B). These findings are well supported by Zhang et al. (2021), who reported that the
moisture stress shortens plant height. During 2018 and 2019, mean observed plant height
was 1.62 ± 0.24 m and 1.38 ± 0.22 m, respectively (Fig. 3). The lower rainfall may be
responsible for the reduced plant height during the later year (2019), because under the
limiting water conditions, the plant height as well as the leaf size and the stem girth are
significantly reduced (Khan et al., 2015).

Water stress negatively affects the cellular and metabolic structure of cotton crop.
Results of the pooled data analysis (Fig. 3C) further revealed that SCY was substantially
greater under control (3,418 kg ha−1), followed by 2-POSI (2,821 kg ha−1), and least under
1-POSI (2,291 kg ha−1). As levels of water stress increased, the accumulation of dry matter
tended to decline, and vice versa (Fig. 3D). Dry matter accumulation under stressed
environments has been reduced to 7.72 and 6.25 t ha−1 under 1-POSI and 9.12 and
9.54 t ha−1 under 2-POSI for the year 2018 and 2019, respectively, as compared to control
(10.95 t ha−1 during 2018 and 11.13 t ha−1 during 2019, respectively). The drastic decrease
in the crop biomass simulated by CROPGRO-cotton model for rainfed circumstances
(Figs. 4A and 4B) could serve as a guide for formulating plans for growing cotton in
arid/semi-arid environments. However, the results of the self irrigation simulation can be
used to achieve the potential yield target. Our findings agree with Hejnák et al. (2015) who
reported 50% lowered dry matter accumulation in cotton exposed to water stress.
Accumulation of reduced biomass under water deficit conditions might be due to inhibited
cell enlargement, which could have restricted development of plant structure due to
disrupted flow of water from xylem to the nearby cells. Saifullah et al. (2015) also reported
retarded shoot growth and lesser flowering in the moisture stressed cotton crop.
Consequently, reduced SCY by 32.9% under 1-POSI and 17.0% under 2-POSI over control
(3,418 kg ha−1) has been recorded in conformity with Shahzad et al. (2019). Furthermore,
between the water stressed treatments, reduced SCY by 18.8% was observed in the crop
raised under extreme water stress (1-POSI) over mildly stressed crop (2-POSI).

The DSSAT-CROPGRO-cotton model was able to evaluate the impact of irrigation
strategies on the phenological stages, LAI development, plant height progress and SCY
(Table 7). Though, LAI and biomass were over predicted during 2019 (negative MBE) but
the error lied within ±10% range, hence it was acceptable. Loison et al. (2017) reported
RMSE of 5.3% for anthesis, 4.3% for boll opening, 28% for maximum LAI and 25.7% for
SCY. However, Arshad et al. (2017) reported that the simulated total dry matter and SCY
exhibited a RMSE of 278–573 kg ha−1 and 237–422 kg ha−1, respectively. Whereas in the
present study, the highest RMSE for studied phenological stages was 3.5 and 3.4 days
during 2018 and 2019, respectively (Table 7). Likewise, RMSE between observed and
simulated SCY was 91.5 kg ha−1 during 2018 and 183.2 kg ha−1 during 2019.
For simulation of above ground biomass, RMSE has been 453 and 534 kg ha−1 during 2018
and 2019, respectively. Moreover, for the simulation of different growth and yield
attributes of the cotton crop, the d-stat always remained higher than 0.92 which confirmed
a close association between observed and simulated parameters.
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The data on soil water content at 0–30 and 30–60 cm under different irrigation regimes
exhibited remarkable differences over time, at both layers (Fig. 5). Due to adequate supply
of irrigation, the control plot retained maximum soil water followed by 2-POSI and 1-
POSI plots. Since high stressed plots received only single irrigation, it could retain least soil
water. During early stages i.e., 10 and 45 DAS, water regimes did not influence the soil
water availability as pre-sowing irrigation and 1-POSI was uniformly applied to all the
experimental plots. Nevertheless, it was higher in upper layer (0–30 cm) until vegetative
growth period (before 80 DAS) but towards reproductive stages, it was more in the lower
layer (30–60 cm) due to more canopy coverage and lesser open field exposure. Since the
last irrigation to control plots has been applied during the end of September (Table 3) and
till that time soil water of the upper layer (0–30 cm) might have been depleted at higher
rate than the lower layer (30–60 cm).

CONCLUSION
In comparison to well-watered conditions, cotton crop exposed to either level of moisture
stress recorded poor growth and reduced SCY. The cotton crop supplied with only 1-POSI
and 2-POSI correspondingly also lead to mild or high level of moisture stress. The crop
under 1-POSI recorded a SCY reduction by 32.9% whereas under 2-POSI, reduction was
only 17.0% over well-watered crop (control). For simulation of various phenological,
growth and production attributes of the cotton crop, higher d-stat (0.92 to 0.99) confirmed
that the DSSAT-CROPGRO-cotton model can be used as a research tool to reduce
expensive and laborious field experiments. The model aided information may be
immensely useful for developing strategies to tackle the water deficit situations and
improving the cotton crop performance under semi-arid conditions across the globe.
Nevertheless, the study needs to be validated using time series experiments over large scale.

ABBREVIATIONS
1-POSI one post-sowing irrigation

2-POSI two post-sowing irrigations

BCM billion m3

BD bulk density

C carbon

CEC cation exchange capacity

cm centimeter

Cmol centi moles

CROPGRO crop growth

DAS days after sowing

dSm−1 deci Siemens per meter

DSSAT decision support system for agrotechnology transfer

d-stat ‘d’ statistics (index of agreement)

ET evapotranspiration

FC field capacity

GDD growing degree days
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Fig figure

GENCALC genetic coefficient calculator

GLUE generalized likelihood uncertainty estimation

ha−1 per hectare

ha−m hectare per meter

hill−1 per hill

HTU helio-thermal unit

K potash

kg kilogram

LAI leaf area index

m meter

M million

m3 cubic meter

MAPE mean absolute percent error

MBE mean bias error

N nitrogen

OC organic carbon

P phosphorus

PSI pre-sowing irrigation

PTU photo thermal unit

RMSE root mean square error

RWCS rice-wheat cropping system

mm millimeter

S1 control

S2 urea @2%

S3 KNO3 @2%

S4 Thio urea @500 ppm

S5 salicylic acid @50 ppm

S6 glycine betaine @100 ppm

S7 salicylic acid @100 ppm

S8 pink pigmented facultative methylo-bacteria (PPFM) @1%

SCY seed cotton yield

SD standard deviation

t ton

year−1 per year

% per cent

< less than

≥ more than or equal to
�C degree Celsius

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 19/25

http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/


ADDITIONAL INFORMATION AND DECLARATIONS

Funding
This work was funded by the Punjab Agricultural University, Ludhiana, India. Also, this
work was funded by the Researchers Supporting Project number (RSP2023R298), King
Saud University, Riyadh, Saudi Arabia. The funders had a role in the study design, data
analysis, and preparation of the manuscript.

Grant Disclosures
The following grant information was disclosed by the authors:
Punjab Agricultural University, Ludhiana, India: RSP2023R298.
King Saud University, Riyadh, Saudi Arabia.

Competing Interests
The authors declare that they have no competing interests.

Author Contributions
� Rotash Kumar conceived and designed the experiments, performed the experiments,
analyzed the data, prepared figures and/or tables, and approved the final draft.

� Sudhir Kumar Mishra performed the experiments, analyzed the data, prepared figures
and/or tables, and approved the final draft.

� Kulvir Singh performed the experiments, prepared figures and/or tables, and approved
the final draft.

� Ibrahim Al-Ashkar analyzed the data, authored or reviewed drafts of the article, and
approved the final draft.

� Muhammad Aamir Iqbal analyzed the data, authored or reviewed drafts of the article,
and approved the final draft.

� Muhammad Noor Muzamil analyzed the data, prepared figures and/or tables, and
approved the final draft.

� Muhammad Habib ur Rahman conceived and designed the experiments, analyzed the
data, authored or reviewed drafts of the article, and approved the final draft.

� Ayman El Sabagh conceived and designed the experiments, authored or reviewed drafts
of the article, and approved the final draft.

Data Availability
The following information was supplied regarding data availability:

The raw data are available in the Supplemental File.

Supplemental Information
Supplemental information for this article can be found online at http://dx.doi.org/10.7717/
peerj.16329#supplemental-information.

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 20/25

http://dx.doi.org/10.7717/peerj.16329#supplemental-information
http://dx.doi.org/10.7717/peerj.16329#supplemental-information
http://dx.doi.org/10.7717/peerj.16329#supplemental-information
http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/


REFERENCES
Adnan AA, Diels J, Jibrin JM, Kamara AY, Craufurd P, Shaibu AS, Mohammed IB,

Tonnang ZEH. 2019. Options for calibrating CERES-maize genotype specific parameters under
data-scarce environments. PLOS ONE 14(2):e0200118 DOI 10.1371/journal.pone.0200118.

Ahmad S, Ahmad A, Ali H, Hussain A, Garcia y Garcia A, Khan MA, Zia-Ul-Haq M,
Hasanuzzaman M, Hoogenboom G. 2013. Application of the CSM-CERES-Rice model for
evaluation of plant density and irrigation management of transplanted rice for an irrigated
semiarid environment. Irrigation Science 31(3):491–506 DOI 10.1007/s00271-012-0324-6.

Anonymous. 2018. Groundwater resources of Punjab state. Central groundwater board, north
western region, Chandigarh and water resources and environment directorate. Punjab, India, 38.
Available at https://dswcpunjab.gov.in/contents/docs/publications/Draft%20Report%20Punjab%
20Groundwater%20Resources%202017.pdf.

Arora VK, Kukal SS. 2017. Re-appraisal of water use in Punjab agriculture: implications for rice
culture. Agricultural Research Journal 54(3):434–435 DOI 10.5958/2395-146X.2017.00083.7.

Arshad MN, Ahmad A, Wajid SA, Cheema MJM, Schwartz MW. 2017. Adapting DSSAT model
for simulation of cotton yield for nitrogen levels and planting dates. Agronomy Journal
109:2639–2648 DOI 10.2134/agronj2017.04.0233.

Auffhammer M, Ramanathan V, Vincent JR. 2012. Climate change, the monsoon, and rice yield
in India. Climatic Change 111(2):411–424 DOI 10.1007/s10584-011-0208-4.

Berwal MK, Ram C. 2018. Superoxide dismutase: a stable biochemical marker for abiotic stress
tolerance in higher plants. In: De Oliveira A, ed. Abiotic and Biotic Stress in Plants. London, UK:
IntechOpen.

Bhatt R, Singh P, Hossain A, Timsina J. 2021. Rice-wheat system in the northwest Indo-Gangetic
plains of South Asia: issues and technological interventions for increasing productivity and
sustainability. Paddy and Water Environment 19(3):345–365 DOI 10.1007/s10333-021-00846-7.

Brar AS, Buttar GS, Sharma R. 2018. Water and energy productivity of rice as influenced by
duration of cultivars, dates of transplanting and irrigation regime in north-western India. Paddy
and Water Environment 16(4):655–663 DOI 10.1007/s10333-018-0658-7.

Bryant C, Fuenzalida TI, Brothers N, Mencuccini M, Sack L, Binks O, Ball MC. 2021. Shifting
access to pools of shoot water sustains gas exchange and increases stem hydraulic safety during
seasonal atmospheric drought. Plant, Cell & Environment 44(9):2898–2911
DOI 10.1111/pce.14080.

Dar EA, Brar AS, Mishra SK, Singh KB. 2017. Simulating response of wheat to timing and depth
of irrigation water in drip irrigation system using CERES-Wheat model. Field Crops Research
214:149–163 DOI 10.1016/j.fcr.2017.09.010.

Daryanto S, Wang L, Jacinthe PA. 2020. Global synthesis of drought effects on cereal, legume,
tuber and root crops production: a review. Agricultural Water Management 179:18–33
DOI 10.1016/j.agwat.2016.04.022.

Dhir A, Pal RK, Kingra PK, Mishra SK, Sandhu SS. 2021. Cotton phenology and production
response to sowing time, row orientation and plant spacing using CROPGRO-cotton model.
MAUSAM 72(3):627–634 DOI 10.54302/mausam.v72i3.1312.

Dietz KJ, Turkan I, Krieger-Liszkay A. 2016. Redox- and reactive oxygen species-dependent
signaling into and out of the photosynthesizing chloroplast. Plant Physiology 171(3):1541–1550
DOI 10.1104/pp.16.00375.

dos Santos TB, Ribas AF, de Souza SGH, Budzinski IGF, Domingues DS. 2022. Physiological
responses to drought, salinity, and heat stress in plants: a review. Stresses 2(1):113–135
DOI 10.3390/stresses2010009.

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 21/25

http://dx.doi.org/10.1371/journal.pone.0200118
http://dx.doi.org/10.1007/s00271-012-0324-6
https://dswcpunjab.gov.in/contents/docs/publications/Draft%20Report%20Punjab%20Groundwater%20Resources%202017.pdf
https://dswcpunjab.gov.in/contents/docs/publications/Draft%20Report%20Punjab%20Groundwater%20Resources%202017.pdf
http://dx.doi.org/10.5958/2395-146X.2017.00083.7
http://dx.doi.org/10.2134/agronj2017.04.0233
http://dx.doi.org/10.1007/s10584-011-0208-4
http://dx.doi.org/10.1007/s10333-021-00846-7
http://dx.doi.org/10.1007/s10333-018-0658-7
http://dx.doi.org/10.1111/pce.14080
http://dx.doi.org/10.1016/j.fcr.2017.09.010
http://dx.doi.org/10.1016/j.agwat.2016.04.022
http://dx.doi.org/10.54302/mausam.v72i3.1312
http://dx.doi.org/10.1104/pp.16.00375
http://dx.doi.org/10.3390/stresses2010009
http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/


Garibay VM, Kothari K, Ale S, Gitz DC III, Morgan GD, Munster CL. 2019.Determining water-
use-efficient irrigation strategies for cotton using the DSSAT CSM CROPGRO-cotton model
evaluated with in-season data. Agricultural Water Management 223(2):105695
DOI 10.1016/j.agwat.2019.105695.

Goche T, Shargie NG, Cummins I, Brown AP, Chivasa S, Ngara R. 2020. Comparative
physiological and root proteome analyses of two sorghum varieties responding to water
limitation. Scientific Reports 10:1–18 DOI 10.1038/s41598-020-68735-3.

Goufo P, Moutinho-Pereira JM, Jorge TF, Correia CM, Oliveira MR, Rosa EAS, António C,
Trindade H. 2017. Cowpea (Vigna unguiculata L. Walp.) metabolomics: osmoprotection as a
physiological strategy for drought stress resistance and improved yield. Frontiers in Plant Science
8:586 DOI 10.3389/fpls.2017.00586.

Guarin JR, Kassie B, Mashaheet AM, Burkey K, Asseng S. 2019. Modeling the effects of
tropospheric ozone on wheat growth and yield. European Journal of Agronomy 105:13–23
DOI 10.1016/j.eja.2019.02.004.

Habib-ur-Rahman M, Raza A, Ahrends HE, Hüging H, Gaiser T. 2022. Impact of in-field soil
heterogeneity on biomass and yield of winter triticale in an intensively cropped hummocky
landscape under temperate climate conditions. Precision Agriculture 23(3):912–938
DOI 10.1007/s11119-021-09868-x.

Hasanuzzaman M, Bhuyan M, Anee TI, Parvin K, Nahar K, Mahmud JA, Fujita M. 2019.
Regulation of ascorbate-glutathione pathway in mitigating oxidative damage in plants under
abiotic stress. Antioxidants 8(9):384 DOI 10.3390/antiox8090384.

Hejnák V, Tatar O, Atasoy G, Martinková J, Çelen A, Hnilička F, Skalický M. 2015. Growth and
photosynthesis of upland and pima cotton: Response to drought and heat stress. Plant, Soil and
Environment 61:507–514 DOI 10.17221/512/2015-PSE.

Hoogenboom G, Porter CH, Boote KJ, Shelia V, Wilkens PW, Singh U, White JW, Asseng S,
Lizaso JI, Moreno LP, Pavan W, Ogoshi R, Hunt LA, Tsuji GY, Jones JW. 2019. The DSSAT
crop modeling ecosystem. In: Boote KJ, ed. Advances in Crop Modeling for a Sustainable
Agriculture. Cambridge, United Kingdom: Burleigh Dodds Science Publishing, 173–216.

Huang H, Ullah F, Zhou DX, Yi M, Zhaom Y. 2019. Mechanisms of ROS regulation of plant
development and stress responses. Frontiers in Plant Science 10:800
DOI 10.3389/fpls.2019.00800.

Huang S, Van Aken O, Schwarzlander M, Belt K, Millar AH. 2016. The roles of mitochondrial
reactive oxygen species in cellular signaling and stress response in plants. Plant Physiology
171(3):1551–1559 DOI 10.1104/pp.16.00166.

Hussein F, Janat M, Yakoub A. 2011. Simulating cotton yield response to deficit irrigation with the
FAO AquaCrop model. Spanish Journal of Agricultural Research 9(4):1319–1330
DOI 10.5424/sjar/20110904-358-10.

Kaur V, Mishra SK, Singh K. 2023. Thermal unit consumption of cotton under different sowing
conditions in south western Punjab. Agricultural Research Journal.

Kaur V, Mishra SK, Singh K, Gill KK, Pal RK. 2019. Performance of Bt and non Bt cotton
cultivars under different sowing environments of south western Punjab. Journal of Cotton
Research and Development 33(1):93–98.

Khalid A, Athar H-u-R, Zafar ZU, Akram A, Hussain K, Manzoor H, Al-Qurainy F, Ashraf M.
2015. Photosynthetic capacity of canola (Brassica napus L.) plants as affected by glycine betaine
under salt stress. Journal of Applied Botany and Food Quality 88:78–86
DOI 10.5073/JABFQ.2015.088.011.

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 22/25

http://dx.doi.org/10.1016/j.agwat.2019.105695
http://dx.doi.org/10.1038/s41598-020-68735-3
http://dx.doi.org/10.3389/fpls.2017.00586
http://dx.doi.org/10.1016/j.eja.2019.02.004
http://dx.doi.org/10.1007/s11119-021-09868-x
http://dx.doi.org/10.3390/antiox8090384
http://dx.doi.org/10.17221/512/2015-PSE
http://dx.doi.org/10.3389/fpls.2019.00800
http://dx.doi.org/10.1104/pp.16.00166
http://dx.doi.org/10.5424/sjar/20110904-358-10
http://dx.doi.org/10.5073/JABFQ.2015.088.011
http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/


Khan MB, Hussain M, Raza A, Farooq S, Jabran K. 2015. Seed priming with CaCl2 and ridge
planting for improved drought resistance in maize. Turkish Journal of Agriculture and Forestry
39:193–203 DOI 10.3906/tar-1405-39.

Langensiepen M, Hanus H, Schoop P, Gräsle W. 2008. Validating CERES-wheat under north-
German environmental conditions. Agricultural Systems 97:34–37
DOI 10.1016/j.agsy.2007.11.001.

Langridge P, Reynolds MP. 2015. Genomic tools to assist breeding for drought tolerance. Current
Opinion in Biotechnology 32:130–135 DOI 10.1016/j.copbio.2014.11.027.

Li M, Du Y, Zhang F, Bai Y, Fan J, Zhang J, Chen S. 2019. Simulation of cotton growth and soil
water content under film-mulched drip irrigation using modified CSM-CROPGRO-cotton
model. Agricultural Water Management 218(4):124–138 DOI 10.1016/j.agwat.2019.03.041.

Li M, Du Y, Zhang F, Fan J, Ning Y, Cheng H, Xiao C. 2020. Modification of CSM-CROPGRO-
Cotton model for simulating cotton growth and yield under various deficit irrigation strategies.
Computers and Electronics in Agriculture 179(3):105843 DOI 10.1016/j.compag.2020.105843.

Liu Q, Niu J, Sivakumar B, Ding R, Li S. 2021. Accessing future crop yield and crop water
productivity over the Heihe River basin in northwest China under a changing climate.
Geoscience Letters 8(1):2 DOI 10.1186/s40562-020-00172-6.

Loison R, Audebert A, Debaeke P, Hoogenboom G, Leroux L, Oumarou P, Gérardeaux E. 2017.
Designing cotton ideotypes for the future: Reducing risk of crop failure for low input rainfed
conditions in Northern Cameroon. European Journal of Agronomy 90:162–173
DOI 10.1016/j.eja.2017.08.003.

Mahalingam R. 2015. Consideration of combined stress: a crucial paradigm for improving
multiple stress tolerance in plants. In: Combined Stresses in Plants. Berlin: Springer International
Publishing, 1–25.

Mishra SK, Kaur V, Singh K. 2021. Evaluation of DSSAT-CROPGRO cotton model to simulate
phenology, growth and seed cotton yield in north-western India. Agronomy Journal
113(5):3975–3990 DOI 10.1002/agj2.20788.

Mishra SK, Shekh AM, Pandey V, Yadav SB, Patel HR. 2015. Sensitivity analysis of four wheat
cultivars to varying photoperiod and temperature at different phenological stages using
WOFOST model. Journal of Agrometeorology 17(1):74–79 DOI 10.54386/jam.v17i1.978.

Mishra SK, Shekh AM, Yadav SB, Kumar A, Patel GG, Pandey V, Patel HR. 2013. Simulation of
growth and yield of four wheat cultivars using WOFOST model under middle Gujarat region.
Journal of Agrometeorology 15(1):43–50 DOI 10.54386/jam.v15i1.1437.

Mittova V, Volokita M, Guy M. 2015. Antioxidative systems and stress tolerance, insight from
wild and cultivated tomato species. In: Gupta KJ, Igamberdiev AU, eds. Reactive Oxygen and
Nitrogen Species Signaling and Communication in Plants. Switzerland: Springer International
Publishing, 89–131.

Napoli A, Crespi A, Ragone F, Maugeri M, Pasquero C. 2019. Variability of orographic
enhancement of precipitation in the Alpine region. Scientific Reports 9(1):13352
DOI 10.1038/s41598-019-49974-5.

Neal R, Robbins J, Dankers R, Mitra A, Jayakumar A, Rajagopal EN, Adamson G. 2020.
Deriving optimal weather pattern definitions for the representation of precipitation variability
over India. International Journal of Climatology 40(1):342–360 DOI 10.1002/joc.6215.

Pal RK, Kataria SK, Singh P. 2016. Response of seed cotton yield to temperature and solar
radiation as simulated with CROPGRO-cotton model. Progressive Research an International
Journal 11:262–264.

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 23/25

http://dx.doi.org/10.3906/tar-1405-39
http://dx.doi.org/10.1016/j.agsy.2007.11.001
http://dx.doi.org/10.1016/j.copbio.2014.11.027
http://dx.doi.org/10.1016/j.agwat.2019.03.041
http://dx.doi.org/10.1016/j.compag.2020.105843
http://dx.doi.org/10.1186/s40562-020-00172-6
http://dx.doi.org/10.1016/j.eja.2017.08.003
http://dx.doi.org/10.1002/agj2.20788
http://dx.doi.org/10.54386/jam.v17i1.978
http://dx.doi.org/10.54386/jam.v15i1.1437
http://dx.doi.org/10.1038/s41598-019-49974-5
http://dx.doi.org/10.1002/joc.6215
http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/


Paltasingh KR, Goyari P, Mishra RK. 2012.Measuring weather impact on crop yield using aridity
index: evidence from Odisha. Agricultural Economics Research Review 25:205–216
DOI 10.22004/ag.econ.137373.

Panda RK, Behera SK, Kashyap PS. 2003. Effective management of irrigation water for wheat
under stressed conditions. Agriculture and Water Management 63:37–56.

Pandey P, Ramegowda V, Senthil-Kumar M. 2015. Shared and unique responses of plants to
multiple individual stresses and stress combinations: physiological and molecular mechanisms.
Frontiers in Plant Science 6(207):723 DOI 10.3389/fpls.2015.00723.

Paz JO, Woli P, Garcia y Garcia AG, Hoogenboom G. 2012. Cotton yields as influenced by ENSO
at different planting dates and spatial aggregation levels. Agricultural Systems 111(1–2):45–52
DOI 10.1016/j.agsy.2012.05.004.

Prakash AH. 2019. All India coordinated research project on cotton (2019–20). Available at
https://aiccip.cicr.org.in/AICRP_Reports_2020/pc.pdf.

Praveen B, Talukdar S, Shahfahad, Mahato S, Mondal J, Sharma P, Islam ART, Rahman A.
2020. Analyzing trend and forecasting of rainfall changes in India using non-parametrical and
machine learning approaches. Scientific Reports 10(1):10342 DOI 10.1038/s41598-020-67228-7.

Rahman MH, Ahmad A, Wajid A, Manzoor H, Fahd R, Wajid I, Md AI, Vakhtang S,
Muhammad A, Asmat U, Abdul W, Syeda RS, Shah S, Shahbaz K, Shah F, Saddam H,
Wajid N. 2019. Application of CSM-CROPGRO-cotton model for cultivars and optimum
planting dates: evaluation in changing semi-arid climate. Field Crops Research 238(1):139–152
DOI 10.1016/j.fcr.2017.07.007.

Rahman MH, Ahmad A, Wang X, Wajid A, Nasim W, Hussain M, Burhan A, Ishfaq A,
Zulfiqar A, Wajid I, Muhammad A, Vakhtang S, Shakeel A, Shah F, Mukhtar A, Hidayat U,
Hoogenboom G. 2018. Multi-model projections of future climate and climate change impacts
uncertainty assessment for cotton production in Pakistan. Agricultural and Forest Meteorology
253(3&4):94–113 DOI 10.1016/j.agrformet.2018.02.008.

Rahman MH, Ishfaq A, Abdul G, Ghulam H, Ashfaq A, Burhan A, Muhammad T, Wajid N,
Ghulam R, Shah F, Shakeel A, Hoogenboom G. 2020. Climate resilient cotton production
system: a case study in Pakistan. In: Ahmad S, Hasanuzzaman M, eds. Cotton Production and
Uses. Singapore: Springer DOI 10.1007/978-981-15-1472-2_22.

Raju BMK, Rao CAR, Rao VUM, Rao S, Maheswari M. 2014. Effect of climate change on
productivity of Pigeon Pea and cotton in Andhra Pradesh—a panal data regression. Indian
Journal of Dryland Agricultural Research and Development 29(1):6–10
DOI 10.5958/2231-6701.2014.01187.7.

Saifullah A, Muhammad TR, Muhammad AK, Mahboob AS, Syeda ST. 2015. Screening of
cotton (Gossypium hirsutum L.) genotypes for heat tolerance. Pakistan Journal of Botany
47:2085–2091.

Sandalio LM, Romero-Puertas MC. 2015. Peroxisomes sense and respond to environmental cues
by regulating ROS and RNS signalling networks. Annals of Botany 116(4):475–485
DOI 10.1093/aob/mcv074.

Shahzad AN, Rizwan M, Asghar MG, Qureshi MK, Bukhari SAH, Kiran A, Wakeel A. 2019.
Early maturing Bt cotton requires more potassium fertilizer under water stress to augment
seed-cotton yield but not lint quality. Scientific Reports 9(1):7378
DOI 10.1038/s41598-019-43563-2.

Singh K, Brar AS, Mishra SK. 2021. Improvement in productivity and profitability of sugarcane
through drip fertigation in north Indian conditions. Sugar Tech 23(3):536–545
DOI 10.1007/s12355-020-00924-w.

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 24/25

http://dx.doi.org/10.22004/ag.econ.137373
http://dx.doi.org/10.3389/fpls.2015.00723
http://dx.doi.org/10.1016/j.agsy.2012.05.004
https://aiccip.cicr.org.in/AICRP_Reports_2020/pc.pdf
http://dx.doi.org/10.1038/s41598-020-67228-7
http://dx.doi.org/10.1016/j.fcr.2017.07.007
http://dx.doi.org/10.1016/j.agrformet.2018.02.008
http://dx.doi.org/10.1007/978-981-15-1472-2_22
http://dx.doi.org/10.5958/2231-6701.2014.01187.7
http://dx.doi.org/10.1093/aob/mcv074
http://dx.doi.org/10.1038/s41598-019-43563-2
http://dx.doi.org/10.1007/s12355-020-00924-w
http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/


Singh K, Brar AS, Singh HP. 2018a.Drip fertigation improves water and nitrogen use efficiency of
Bt cotton. Journal of Soil and Water Conservation 73(5):549–557 DOI 10.2489/jswc.73.5.549.

Singh J, Mishra SK, Kingra PK, Singh K, Biswas B, Singh V. 2018b. Evaluation of
DSSAT-CANEGRO model for phenology and yield attributes of sugarcane grown in different
agroclimatic zones of Punjab, India. Journal of Agrometeorology 20(4):280–285
DOI 10.54386/jam.v20i4.566.

Singh K, Mishra SK, Singh M, Singh K, Brar AS. 2022a. Water footprint assessment of surface
and subsurface drip fertigated cotton-wheat cropping system—a case study under semi-arid
environments of Indian Punjab. Journal of Cleaner Production 365(3):132735
DOI 10.1016/j.jclepro.2022.132735.

Singh K, Rathore P, Mishra SK. 2022b. Osmo-protectants improve cotton yield by alleviating
moisture stress under semi-arid conditions. Agronomy Journal 115(1):286–302
DOI 10.1002/agj2.21238.

Singh K, Singh HP, Mishra SK. 2020. Irrigation module and sowing date affect seed cotton yield,
quality, productivity indices, and economics of cotton in North-Western India. Communications
in Soil Science and Plant Analysis 51(7):919–931 DOI 10.1080/00103624.2020.1744633.

Thorp KR, Barnes EM, Hunsaker DJ, Kimball BA, White JW, Nazareth VJ, Hoogenboom G.
2014. Evaluation of CSM-CROPGRO-Cotton for simulating effects of management and climate
change on cotton growth and evapotranspiration in an arid environment. Transactions of the
ASABE 57:1627–1642 DOI 10.13031/trans.57.10612.

Timothy A, Michael A. 2014. Challenges and perspectives on improving heat and drought stress
resilience in cotton. Journal of Cotton Science 18:393–409.

Willmott CJ, Acklenson SG, Davis RE, Feddema JJ, Klink KM, Legates DR, O’Donnel J,
ROwe CM. 1985. Statistics for the evaluation and comparison of models. Journal of Geophysical
Research 90(C5):8995–9005 DOI 10.1029/JC090iC05p08995.

WuM, Luo Y, Chen F, WongWK. 2019.Observed link of extreme hourly precipitation changes to
urbanization over coastal South China. Journal of Applied Meteorology and Climatology
58(8):1799–1819 DOI 10.1175/JAMC-D-18-0284.1.

Zhang Y, Liu G, Dong H, Li C. 2021. Waterlogging stress in cotton: damage, adaptability,
alleviation strategies, and mechanisms. The Crop Journal 9(2):257–270
DOI 10.1016/j.cj.2020.08.005.

Kumar et al. (2023), PeerJ, DOI 10.7717/peerj.16329 25/25

http://dx.doi.org/10.2489/jswc.73.5.549
http://dx.doi.org/10.54386/jam.v20i4.566
http://dx.doi.org/10.1016/j.jclepro.2022.132735
http://dx.doi.org/10.1002/agj2.21238
http://dx.doi.org/10.1080/00103624.2020.1744633
http://dx.doi.org/10.13031/trans.57.10612
http://dx.doi.org/10.1029/JC090iC05p08995
http://dx.doi.org/10.1175/JAMC-D-18-0284.1
http://dx.doi.org/10.1016/j.cj.2020.08.005
http://dx.doi.org/10.7717/peerj.16329
https://peerj.com/

	Impact analysis of moisture stress on growth and yield of cotton using DSSAT-CROPGRO-cotton model under semi-arid climate
	Introduction
	Materials and Methods
	Results
	Discussion
	Conclusion
	Abbreviations
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile (None)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


